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Abstract

Chinese students make up the largest international student body studying in the
U.S., and many return to China after their studies. Given the substantial difference
between U.S. and Chinese tuition rates, our paper studies whether U.S. master’s degrees
in finance receive a premium in the Chinese labor market relative to Chinese master’s.
Using resume-rating surveys with company recruiters, we find no significant raw dif-
ference between the quality ratings for the resumes from these two countries. However,
the return to selectivity for Chinese schools is 0.38 standard deviations higher than
for U.S. schools with respect to the recruiters’ quality scores. Upon closer inspection,
the recruiters’ familiarity with the U.S. schools matters much more than the schools’
selectivity. In fact, recruiters are 20% more likely to interview candidates when the
recruiters are knowledgeable about the U.S. institutions from which these candidates
graduated. Our research design also allows us to explore over-qualification and gender-
bias. We discuss the implications for international students’ decision-making between
domestic and foreign master’s degrees.
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1 Introduction

The number of total Chinese students studying overseas has increased by more than
15 times since 2000. In 2018, it has reached 662.1 thousand1. Currently, China is the top
origin country for international students studying in OECD countries for tertiary degrees
(Figure 1).

At the same time, the percentage of overseas students returning to China has increased
(Figure 2). Since 2013, the ratio of returning students to leaving students has been around
80%. More Chinese students are returning to their domestic labor market.

Specifically, we focus on master’s degrees. Although in some OECD countries the num-
ber of Chinese students studying at bachelor’s level is slightly higher than at master’s level
(Figure 3), we believe the research is extremely relevant at the master’s level. According to
the survey data in 2016 Chinese Returning Student Blue Book (“Blue Book”), 81.45% of
the returning students are master’s graduates, 11.09 % are doctoral students, and 7.46%
are bachelor’s graduates.2

What drives Chinese students to study abroad for a master’s degree? Further, upon
their return, how do they fare in the labor market compared with those who choose to
obtain a Chinese master’s degree? These questions are especially relevant today for several
reasons.

First, there is a substantial difference in tuition between Chinese and foreign master’s.3

If the labor market return to studying abroad turns out to be equal or even lower than
studying in China, then families need to consider whether the additional benefits to study-
ing abroad justify the cost.

Second, during the current Covid-19 pandemic, a lot of students are faced with unusual
options: attending foreign universities at home in China, going to the foreign country and
potentially attending schools there either in person or online, forgoing master’s degree, or

1Chinese National Bureau of Statistics
2Chinese name: Zhongguo Liuxue Huiguo Jiuye Lanpishu 2016. This is compiled by Chinese Service

Center for Scholarly Exchange (CSCSE), which belongs to Ministry of Education. The majors are complied
manually using coders’ discretion. The survey data in the book comes from 9176 voluntary survey respon-
dents collected from 49 education and exchange scholar institutions in various parts of China as well as
CSCSE itself. As far as we can tell, the population is not representative. So all the information that quotes
this data source should be interpreted with caution. We do not know exactly the proportion of master’s
degree holders that return. But using the number of total Bachelor’s and Master’s degree holders in the
U.S. in 2016 and the survey’s result yields over 100% return rate. We interpret that the survey is somewhat
biased towards over-representing the returning master’s population. There could be several reasons why
most returning students are master’s. Master’s degrees require relatively shorter time and lower investment,
so it is less costly for the individuals to obtain a master’s degree abroad. In addition, due to the shorter
duration needed to acquire a master’s degree, it is harder for master’s students to assimilate and stay in the
destination country. Due to the large percentage of returning master’s students, we think it is a very relevant
group for our study.

3This is true especially in top-destination countries like the U.S., U.K., and Australia. See Table A.1 for
sample tuition.
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choosing Chinese master’s institutions. Because the virus outburst significantly reduces
consumption value and immigration motivation, our research on foreign degree’s domestic
labor market value will be more relevant in considering some current education choices.4

Finally, since international students are an important funding source for universities
in some countries (Bound et al. (2020), Hazel Ferguson (2019)), studying what affects
these international students’ job market perspectives after they return to their origin
countries can help the universities understand their students better. Knowing what helps
international graduates on the job market would make it easier to assist them, and in the
long-term attract and retain international students.

For our project, we will concentrate on the domestic labor market returns to studying
overseas. From the students’ perspective, the returns to studying abroad can involve
higher domestic labor market prospects (either through human capital accumulation or
signaling), better overseas labor market prospective (if the destination country allows grad-
uated students to work in the country), or pure consumption value (overseas experience).
On the other hand, the costs of studying abroad include foregone domestic education or
employment opportunities, and higher tuition as well as living expenses.5 The immigra-
tion and overseas labor market prospects still play important roles in the decision to study
abroad, especially in destination countries where immigration is comparatively easier.
However, given the high percentage of students who return to China and the current
global pandemic, domestic labor market prospective has more direct implications for the
majority of Chinese students.

We choose the United States as the main destination country since it has the largest
number of Chinese students (Figure 3). We also use Australian schools for comparison.6

We investigate the value of master’s degrees earned in U.S., Chinese, and Australian in-
stitutions in the Chinese labor market by studying how recruiters view the degrees from
these schools.

Our study is divided into two stages. The first stage was conducted in early sum-
mer 2018. We employed a classical audit study method, where we sent five paired resumes
to each of the 957 job vacancies through one of the biggest Chinese online recruitment
platforms. We find U.S. and Chinese master’s degrees have no significant difference in
callback rate. More and less selective master’s degrees within U.S. and China also have
insignificant difference in callback rate. When we restrict the sample to positions with
higher degree requirement (at least bachelor’s) and salary offers (higher than medium
salary offer in the sample), we find for female applicants, firms are more likely to call

4Consumption value is potentially reduced for several reasons: Traveling within the U.S. becomes more
restricted. Some face-to-face education experience is replaced by online or pre-recorded classes. In addition,
socializing with other students in person becomes more difficult. Immigration motivation is potentially
reduced partly due to the difficulty of finding jobs within the U.S.

5Tuition abroad is not always more expensive, but this is true in the context that we will be examining.
6We choose Australia because it is an English-speaking and relatively immigrate-friendly country with

the most Chinese students after the U.S.

3



Chinese selective master’s degrees than Chinese less selective master’s. The margin of
callback differences mainly operate at the education levels. For male applicants, bachelor’s
graduates have higher callbacks than master’s. This effect becomes statistically insignifi-
cant as we restrict the positions to higher degree requirement and higher salary offer.

This paper focuses on discussing our second stage of the study in late 2019, where our
methodology closely follows Kessler et al. (2019). We surveyed our subjects (on-campus
recruiters or human resource managers contacted online) directly, asking them to rate 50
resumes we constructed in terms of quality and likelihood they think the applicant would
accept their job offer. 7

This method enables us to look at recruiter’s preferences in richer detail than our pilot
audit study. First of all, we can target positions that hire at bachelor’s and master’s levels
through on-campus recruitment (the majority of the online position listings were at lower
than bachelor’s level). In addition, we can study the mechanisms for over-qualification
by asking the recruiters directly how likely they think the applicants are going to accept
the offer. Last but not least, we can investigate what may cause the different recruiter
ratings and interview choices for domestic and foreign schools. We outline the connections
between the pilot study and the current study in more detail in the appendix.

One of our main findings is that U.S. and Chinese master’s receive similar quality
score ratings. However, the returns to selectivity is much lower within U.S. master’s than
within Chinese Master’s. This results from recruiters’ different familiarity-levels for the
U.S. schools. In fact, familiarity matters much more than selectivity for U.S. master’s.

In terms of education level, master’s graduates have an advantage over bachelor-only
candidates, especially when the minimum degree requirements for the positions are
higher.

Higher internship quantity and quality both help. Certificates such as Chartered Finan-
cial Analyst (CFA) give a significant boost to quality score. But female candidates receive
lower ratings, especially for those with less selective Chinese master’s degrees.

Our study fits in three broad literature trends. The first one is audit study, where
experimenters send paired actors/actresses or paired resumes/cover letters to employers,
and study employers’ actions based on characteristics such as race, gender, immigration,
unemployment spell, and education credentials (Bertrand and Mullainathan (2004), Lahey
and Beasley (2009), Oreopoulos (2011), Eriksson and Rooth (2014), Deming et al. (2016)).
Building on the previous works and using the methodology pioneered by Kessler et al.
(2019), we are able to examine the relationship between our audit study and the resume-
rating results. By studying the same topic using both the classic and the new methodology,

7Unlike Kessler et al. (2019), however, we were not able to apply direct incentives (i.e. matching real
students’ resumes using the survey responses). Instead, we use a flat compensation (150 RMB) and a later
preference report based on the survey responses as incentives. After some discussion with a few human
resource managers in China, our general sense is that it would be very hard to use a few matched resumes
(i.e., the incentive used in the original IRR paper) as the incentive to motivate them to rank the fake resumes.
The main reason is that the recruiters generally want to avoid extra work, and the incentives will not be
strong enough.
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our research sheds light on how the resume-rating method can help with interpreting the
callback patterns in the audit study.

In addition, we follow the literature comparing returns to more- and less-selective
schools (Dale and Krueger (2002), Dale and Krueger (2011), Black and Smith (2004),
Lindahl and Regner (2005), Hoekstra (2009)). The most relevant Chinese study is Jia and
Li (2017), where they use regression discontinuity at elite university entrance exam score
cutoff and found undergrad-level elite education increases monthly wages of workers by
30-40%. Our study examines firms’ perception of more- and less-selective Chinese schools,
and we find resumes with selective Chinese schools have significantly higher ratings and
interviews at both bachelor’s and master’s levels.8 This implies that part of the gain in
workers’ wages could come from the difference in initial job positions.

Our study also looks at educational over-qualification, defined as a worker’s educa-
tion level exceeding the position’s education requirement, or the firm’s stated education
requirement for the vacancy. Past studies have examined over-qualification at different
degree-levels and by gender (Deming et al. (2016), Frenette (2004), McGuinness and
Sloane (2011), McGoldrick and Robst (1996)). For over-qualification in China, Huang et al.
(2010) uses Urban Household Survey data and estimates that over-educated employees
receive 4.8% less wage compared to employees who are employed in the jobs that match
their education. The research in China that is most relevant to our study is Shen and Kuhn
(2012). They find vacancies which require college degrees are more likely to call university
graduates (than college graduates), and that vacancies requiring technical degrees are
more likely to call technical school graduates (than college graduates)9. Our resume-rating
study sheds further light on the reason why over-qualified candidates may receive lower
callbacks: recruiters believe these candidates have higher quality resumes but are less
likely to accept job offers.

The most relevant paper for our study topic is Chen (2020). He sent resumes through
a large Chinese online recruitment platform to study the difference in callback rates for
Chinese versus U.S. bachelor’s degrees. Chen found that the U.S. educated Chinese were
considerably less likely to receive callbacks than those educated in China and even appli-
cants from highly selective U.S. institutions underperformed those from the least selective
Chinese institutions. The gap between U.S. and Chinese institutes closed as he restricted
the sample to high-wage and foreign firms, consistent with the story that Chinese firms
may believe U.S. graduates are less likely to accept a job and stay in the company.

Our results are for master’s and differ somewhat from Chen’s results at bachelor’s
level. We find no significant difference in callbacks (during pilot) or quality score ratings
between Chinese and U.S. selective master’s. Part of the difference between our studies
could arise from the different types of firms and recruitment method (on-campus versus
online platform). Recruiters may also have reasons to believe candidates who studied
in the U.S. at different education stages have distinct outside options and unobservable
characteristics. What is more, recruiters’ familiarity with the U.S. schools is an important

8Table A.7, Table A.8
9Chinese colleges usually take 3 years to complete and are similar to U.S. community colleges, whereas

Chinese universities usually takes 4 years to finish and are similar to U.S. universities.
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contributor to how they rate and choose resumes. In our design, we directly ask each
subject about their beliefs and examine the relationship between these beliefs and the
rating outcomes.

The rest of the paper is organized as follows: Section 2 describes the experimen-
tal setting and design. Section 3 analyzes the main results. Section 4 discusses potential
mechanism and additional results. Section 5 concludes.

2 Study Design

2.1 Setting

-Field of Study. The major we plan to use for the study are chosen based on three crite-
ria. We first use IPEDS to generate the majors by CIP code (Classification of Instructional
Programs) with the most international master’s students who graduated from years 2010
to 2016 (Table A.2).

Next, we check majors for returning Chinese students at master’s level (from all over-
seas countries) using the Blue Book. The majors with the most returning master’s students
are Business Administration and Management, Accounting, Economics, Management,
International Management, International Finance, Electrical and Electronics Engineering,
and Human Resources. Finance, Mechanical Engineering, Information and Communica-
tion are also among the popular majors. We view this as generally consistent with the
majors we found in IPEDS.

Last but not least, we also consider the resumes we can find on the online recruiting
website. We find very few resumes with MBA degrees online. This could be due to several
reasons: MBA graduates may look for jobs mainly using alternative methods such as
networks. Since many MBA programs require previous work experience, graduates may
also look for more senior positions that are usually less available on online recruiting
websites. Therefore, although Business Administration and Management is the category
with the most international graduates and returning Chinese students, we decide not to
include it in our study because the MBA pool is clearly different from the other master’s
that don’t require previous working experience.

Using these three criteria, we come up with four majors suitable for the study: Elec-
trical and Electronics Engineering, Computer Science, Accounting and Finance. For this
research, we use Finance because it is relatively easier for us to assess the credibility of the
fictional resumes and access the recruiters in the related field.

-Survey Population. Our sample consists of both in-person and online portions. We
contacted most of the employer from college on-campus recruitment (that mainly focused
on finance-area) in Shanghai. During late 2019 (Wave 1), we introduced our survey to
the employers. If they agreed to participate, we or our research assistant would either
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hand them a paper copy of the survey or an iPad with the survey website open 10. After
the subjects complete the survey, we thank them and pay them the promised 150 RMB
compensation 11

A part of the recruiters are contacted through a finance headhunting company in
Shanghai, and the remaining online subjects are through a human resource manager group
on the Chinese messaging app WeChat in January 2020 (Wave 2). For those contacted
through WeChat, we ask them to send a photo of their business card to verify their identity.
After verifying that the subjects have completed the survey, we pay the compensation
through WeChat.

2.2 Survey Structure

Each survey consists of three parts. Part 1 introduces the background of the survey,
the monetary incentives, the informed consent; and asks for the details about the position
the subjects are recruiting for. Specifically, we ask them to “recall a position for a finance
undergraduate or for a master’s student, with no relevant work experience, that you,
or your company, actively recruited in the past. Please imagine that you are rating the
resumes for this position.” Then we ask for the position title and minimum education
requirement.12

In Part 2, subjects rate 50 resumes. Underneath each resume, we ask the recruiters the
following two questions:

1. Based on your position’s requirement, please rate this applicant’s resume quality, as-
suming the applicant will accept the job offer with complete certainty.

Integer between 0 and 100
0: far below the position’s requirement
100: far exceeds the position’s requirement

2. Assume your company offers this applicant the position, what is the probability that the
applicant will accept the offer?

Integer between 0 to 100 (%)

The first question is designed to measure the quality of the resume (with regard
to the position requirement) independent of the applicant’s probability of accepting the
offer. The second question then measures the employers’ belief about applicants’ likeli-
hood to accept the offer upon receiving it.

To examine the relationship among perceived resume quality, likelihood of accepting,
and interview decision, we further ask the recruiters to pick a limited number of resumes

10We started with the digital version, but later on we found the paper versions are easier for the subjects
to complete (especially for the 10-choose-2 questions)

11The compensation for on-campus recruitment is in the form of transportation card.
12Below college, college, undergraduate, master’s (with exceptions), master’s and above (strict). This helps

us to measure the selectivity of the positions.
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for interviewing. After generating the 50 resumes for each survey, we randomize their
order of appearance. According to the order they appear in the survey, for every 10
resumes we ask:

If you can only choose two candidates from the 10 resumes above to enter the interview
round, which two would you choose?

Part 3 asks the subjects’ demographics, their experience as human resource man-
agers, and their company’s characteristics as well as recruitment practice. In addition, we
ask what factors influenced how they rate the resumes. To eliminate any noise created
by different resume items and solely focus on the difference between Chinese and U.S.
master’s, we ask the subjects to choose from two identical resumes whose only difference
is the nationally of the master’s degree-granting institute (U.S. or China). Last but not
least, they rate their familiarity with all the foreign schools that appeared in their own
surveys. This enables us to analyze how the familiarity with the schools and the schools’
selectivity affect their ratings.

2.3 Experimental Design

Our experimental design consists of two parts. The first part contains 40 resumes to
test the main hypotheses, and the additional treatments include 10 resumes that allow us
to look at some extra elements that may affect subjects’ ratings and choices.

Table 1 summarizes the main design. Within each survey, we vary on the follow dimen-
sions: applicant’s gender, whether the applicant holds a master’s degree (if so, we vary the
location and selectivity of the master’s degree), the selectivity of bachelor’s degree, and
the quantity and quality of internships. 13

Due to the amount of variation that we have, we limit within-subject variation on the
gender - country of master’s degree dimension. Specifically, instead of varying gender X
CHN or U.S. master’s in each survey, we have four resume design subgroups that contain
(1) US-male (2) CHN-male (3) US-female (4) CHN-female, respectively. When generating
a new survey, we assign equal probability for each of these four designs. We then populate
the resumes items according to the specific design. Table A.3 to Table A.6 in the Appendix
contains the details for each of the four designs.

The additional treatments for the remaining 10 resumes include the following:
(1) Fake Schools: We add one resume that has master’s degree at either Newark Uni-

versity or Merton University. Each resume is assigned to a male or female applicant with
less-selective undergraduate institution, low quantity and quality of internship. Within
subject, we fix the undergrad school selectivity for all the additional treatments to reduce
noise. We vary the high and low bachelor’s selectivity across surveys with equal chance.
This treatment allows us to observe subjects’ rating behavior when they have not heard of
the schools. In addition, we could also observe how truthfully they report their familiarity
with the schools.

13Please see the details for resume item constructions in the appendix.
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(2) High-Quality Certificate: We add Chartered Financial Analyst (CFA) Certificate
to two resumes in order to test how much the employers value them. The two resumes
are each assigned a less-selective CHN and U.S. master’s. To reduce noise, we fix both
internship quality and quantity to low.

(3) Low English Skill: We signal low English skill by low English test scores and self-
assessment of English skill (“passing”). Two resumes are assigned low English-level
treatment. They are respectively assigned one selective and one less-selective Chinese
master’s. They both have low quality and quantity internships. This treatment is designed
to test whether English proficiency can be one potential factor that cause different ratings
between Chinese and U.S. schools.

(4) U.S. internship: U.S. internship may affect the resume-ratings for several reasons.
First of all, there is selection on the graduates who return to China after obtaining a U.S.
degree. It is possible that the recruiters perceive those who intend to return to China
immediately after graduation as having lower ability than those who decide to stay in
the U.S., especially when their master’s internships were in China. In this sense, having
past U.S. working experience may signal higher ability. The recruiters may also value the
international working experience independently. On the other hand, the internships may
affect the perceived likelihood to accept the job offer. The employers could think that
these applicant has more outside options and even decide to stay in the U.S. if they have
past internships in the country. To look at these effects, we include two resumes with
additional high or low quality U.S. internship. They share the type of institution (U.S.
less selective) and low internship quantity. The variation in the U.S. internship quality
allows us to examine the benefit coming from both the internship quality itself and the
internship location.

We also vary family socioeconomic status and work ethics. We add Australian master’s
in some of the surveys. Since we will not talk about these extensively in the paper, the
details are included in the appendix.

3 Results

3.1 Summary Statistics

Table 2 shows basic information about the recruiters and the positions14. Most re-
cruiters are female. Among the positions listed, more than 80% accept bachelor’s degrees,
but a few of them only consider master’s degree holders. Some typical job titles requiring
bachelor’s degrees are: customer manager, industry research analyst, auditor, and market
operations position. Typical job positions requiring master’s degrees include industry
research analyst, investment banking position, and quantitative strategy position.

We also ask the type of colleges the companies usually recruit from. It turns out that
80% of the companies in our sample recruit U.S. college graduates. This ensures that most
subjects are exposed to U.S. candidates to some degree, and that our result is not mainly
driven by unfamiliarity with U.S. graduates.

14These recruiters are hiring for the firms that they work at; they are not headhunters.
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In Table 3, we observe that most subjects have been working for their current company
for 1-5 years, so they have some knowledge about the type of candidates the company
prefers. The companies’ sizes are distributed pretty evenly between less than 50 and more
than 5000 employees.

More than 70% of the recruiters say that they usually finish reading each resume under
one minute. The medium time for completing the online survey is 25 minutes (sample
size=24). This is roughly consistent with the medium recruiters spending 15-30 seconds
on each resume in our survey, which is less than the usual time they spend on resume
during normal recruitment process but still reasonable. We did not record the time the
recruiters used on the paper version. But the general impression we get is recruiters spend
more time (30 minutes to 1 hour) finishing the paper surveys on site.

3.2 Main Results

In Table 4, we run the following regression:

ZScoreij =β0 + β1MasterT ypeij + β2Gradij X UndergSelectij

+ β4InternExtraij + β5InternHighij + β6Femaleij

+ β7T reatmentDummiesij +ui + εij

In this equation, ZScoreij is a normalized z-score recruiter i gives to resume j15.
MasterT ype indicates the country (U.S. or China) of the master’s degree.16 Grad is an
indicator for whether the candidate has a master’s degree, and UndergSelect is the selec-
tivity of the undergraduate degree. We interact Grad and UndergSelect to check whether
the bachelor degree’s prestigiousness still matters once the applicant has a master’s de-
gree. InternExtra and InternHigh are dummies for having an extra internship and a high
quality internship, respectively. Female is an indicator for female applicant. We included
dummy variables for each additional treatment. Lastly, ui is the recruiter fixed effect.

Table 4 shows the OLS regression results. Column (1) uses the normalized quality
score within each recruiter as the dependent variable. The omitted education categories
are Chinese less selective undergraduate degree with no master’s degree and Chinese
master’s degree. Columns (2)-(3) have the normalized probability of accepting the offer as
dependent variable. Column (3) further controls for quality z-score. Columns (4)-(5) use
the interview choice as the outcome variable. The dependent variable takes value one if
the recruiter picks the resume for interview, and zero otherwise. We use subject x resume
group-level fixed effect. Column (5) holds the quality and probability of accepting z-scores

15We normalize the quality score and probability of acceptance within each recruiter.
16We use Chinese master’s as the base group. Later on we further divide the master’s into selective and

less selective groups.
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constant.17

In all columns, we see no significant difference for any of the outcomes between U.S.
and Chinese master’s. Chinese recruiters do not have a strong preference for either type of
master’s overall. Having master’s degree is preferred than only having bachelor’s degree
for quality score and interview choice. A selective bachelor’s also holds advantage over
less selective bachelors.

Table 5 further divides master’s in each country into two selectivity categories. Looking
at the coefficients for master’s X bachelor’s selectivity interactions in Column (1), we ob-
serve that holding a Chinese less selective master’s degree increases the quality z-score by
0.49 standard deviation compared to only having a Chinese less selective bachelor’s degree.
The gain from obtaining an additional master’s degree is very significant here, mainly
due to the positions requiring or preferring a master’s degree.18 A selective bachelor’s
degree raises the quality score by 0.26 standard deviation, but matters much less once the
applicant holds a master’s degree.

For applicants who hold a master’s degree, having a selective U.S. or Chinese master’s
increases the quality z-score by 0.33 and 0.48 standard deviations, respectively. These
two coefficients are not significantly different from each other. Interestingly, U.S. less
selective master’s receives higher rating than their Chinese counterparts.19 There are
several explanations for the difference. The Chinese recruiters may value U.S. education
relatively more when it comes to less selective institutions. It is also possible that the
recruiters are unfamiliar with these U.S. institutions, thus assigning them the average
quality in between selective and less-selective institutions. The next section will explore
these interpretations further.

Turning to Column (2) for the education coefficients, we observe that each non-baseline
master’s types have positive impact on acceptance likelihood, somewhat similar to their
effect on quality score. But having a master’s degree has no impact on the probability. In
Column (3), higher quality score is associated with higher probability acceptance score.
Holding the quality score constant, having a master’s degree lowers the acceptance proba-
bility significantly.

Recruiters’ beliefs about applicants’ likelihood of accepting the job offer can be affected
in different ways. If they believe applicants with higher quality score are better fits for
their company and the position, they may think the candidates are more likely to accept
the offer. What is more, firms may adjust their offer terms based on the quality of the
candidate. When we ask the recruiters in the second wave of questionnaires “for the
same position, does your company give different offer based on the situation”, 87% of
them answered “yes”. On the other hand, better candidates have better outside options,
and some candidates may be “over-qualified” for the job. In Column (3), controlling for
resume’s quality score, holding master’s are perceived to lower the probability of accepting

17Although not reported, all the regressions also control for dummies for family socioeconomic status,
work ethic, and placebo self-description dummies.

18If we restrict the positions to requiring only bachelor’s degree, the coefficient becomes no longer
significant (Table 6).

19The coefficient for U.S. less selective master’s is significantly different from Chinese selective master’s at
10%-level.
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the offers. Here, we think both explanations may play a part. We will analyze the sample
separately by positions’ minimal education requirement in the next section and further
explore the topic on over-qualification.

Moving on to the other resume items, having higher internship quantity and quality
both help with the quality score. This also shows the recruiters in our sample read past the
education section on the resumes, and they care about internship company and content.
The impact of marginal internships quantity and quality changes, however, are smaller
than the education level and selectivity.

Holding everything else constant, female candidates receive 0.1 standard deviation
lower rating. Following the practice in China, our resumes have strong gender signals,
including the name of the applicants, blurred photos, and explicit written gender informa-
tion. These could cause gender bias to show easier early in the hiring stage.

More importantly, in Column (4), we observe that females are less likely to be chosen
for interviews. The recruiters can only choose two candidates out of 10 to interview,
meaning that the cutoff is at the higher candidate quality end. This means the interview
chance could be lower for some top female candidates in our sample. We will further
explore the this topic in the next section.

In the additional treatment section, the coefficient for fake U.S. schools is positive and
significant in Column (1). It is difficulty to interpret this positive effect as employers’ valu-
ing the teaching in these institutions. Instead, we think that due to the lack of knowledge
for these fake schools, the employers assign them the value they would place on an average
U.S. master’s. Compellingly, the recruiters choose not to interview graduates from these
fake institutions in Column (5) after we control for the quality and acceptance likelihood
scores. In other words, when faced with constraint, they are less likely to spend resource
on interviewing candidates from schools they have never heard of.

For the remaining treatments, CFA certificate has a huge positive impact on the quality
score. This is consistent with what we learned from talking to the recruiters and in finance
master’s students. Low English skill has no detectable impact on quality scores. It is
possible that either most recruiters do not place high weights on English skills, or the
English skill difference is too small through our signals.20

U.S. internship does not change the ratings significantly.21 Australian selective master’s
coefficient has similar magnitude as the U.S. master’s, although we do not have enough
power to tell if it is significant since we only added these resumes in the second wave.22

20It is hard to signal extremely low English skill, since candidates would avoid including such extreme
signals in their resumes.

21Here, low quality U.S. internship has larger (statistically insignificant) coefficient than high quality ones.
We suspect this is because the quality of the companies and working content for these two types are not
extremely different. We had a hard time finding any low quality U.S. internship in the real resumes.

22They receive statistically significant higher rating than Chinese less selective master’s when we restrict
the positions to requiring master’s in Table 7. This is also true when we only look at master’s resumes in
Table A.8.
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3.3 Knowledge about the U.S. Schools

The quality score rating results are fairly straightforward for the Chinese master’s. But
for the U.S. degree holders, the return to selectivity is much lower. Moreover, the two
fake U.S. institutions also have similar quality scores to the real ones. In this section, we
investigate a potential cause: recruiters’ different levels of familiarity with the U.S. schools.

At the end of the survey, we ask each employer to rank how familiar they are with each
U.S. school that appeared in their survey. The four choices they have are:

1. Never heard of the school
2. Heard of the school but do not know much else about it
3. Somewhat familiar with the school, knows information such as ranking
4. Very familiar with the school, or knows someone who graduated from the school

Table 8 looks at how the quality score and interview choices change depending on the
interaction between U.S. schools’ selectivity and employers’ familiarity with them. We
restrict the sample to resumes with U.S. degrees and remove the ones with additional
treatments. In Column (1), we regress quality z-score on the interaction between U.S.
schools’ selectivity and the four familiarity categories. The omitted category is the lowest
familiarity choice “never heard of”. For the less selective schools, the more knowledge
the recruiters have, the lower their ratings for these schools are. Conversely, for the more
selective schools, the coefficients increase in magnitude with the degree of familiarity. This
is consistent with the interpretation that recruiters assign an average value for the U.S.
schools they have never heard of. The more information they have about the school, the
more they update their beliefs in the corresponding direction.

Columns (2)-(4) group the familiarity into two bigger categories: “very familiar” and
the other familiarity choices. We make this division because the change in the coefficient
is the largest there. The “very familiar” the category also most closely resembles the
recruiters’ knowledge about the Chinese schools. In Column (2), when the recruiters are
very knowledgeable about the schools, the coefficients for the two types of institutions
are different at 5%-level. In other words, just like how more selective Chinese schools are
rated higher than less selective ones, more selective U.S. schools are rated more favorably
than the less selective ones, but only when the recruiters are knowledgeable about them.

In Columns (3) and (4), we further examine how familiarity affects interview choices.
Compared to unfamiliar less selective schools, the recruiters are more likely to interview
candidates from familiar selective schools. This is true after we control for both quality
and likelihood to accept z-scores.

In Table 9, we use a more continuous measure of selectivity and investigate how famil-
iarity and selectivity interacts. We collect university admissions acceptance rate from U.S.
News, and interact the rate with familiarity rankings for the U.S. schools.

In Column (1), we actually observe that higher acceptance rate (lower selectivity) is
associated with higher quality score, which is counter-intuitive. Being more familiar with
the schools, however, attenuates the positive correlation significantly. The result is very
similar for interview choices in Column (2). For the recruiters, familiarity with the U.S.
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schools increase their ratings much more than the selectivity of the schools.23

Since knowledge about the specific U.S. education institutions is an important channel
for quality score ratings and interview choices, we further separate the U.S. schools into
four types according to the familiarity and selectivity. We re-run our main specification
using new categorization in Table 10.

In Table 10 Column (1), the coefficient on U.S. selective and familiar schools are signifi-
cantly higher than the other three U.S. school types. The difference between U.S. selective
(familiar) and Chinese selective master’s is still statistically indistinguishable, but now the
magnitude of the coefficient favors the U.S. schools.

The results for likelihood of accepting and interview choices remain largely similar
as before. But now the U.S. selective familiar category has a relatively bigger coefficient
magnitude, and becomes statistically significant in Column (4). More importantly, U.S.
less selective familiar category has a positive and significant coefficient in the interview
choice, even though it receives less statistically significant quality scores than U.S. less
selective unfamiliar and U.S. more selective unfamiliar categories in Column (1). This
shows that when picking which candidates to interview under constraint, recruiters tend
to avoid uncertainty.

In Table 11, we present the average familiarity score (1-4) for each U.S. school used in
our sample. As expected, the two fake schools receive the lowest familiarity score. On
average, recruiters have more knowledge about the more selective U.S. schools than less
selective ones. Specifically, Boston University, New York University, Johns Hopkins Univer-
sity, and University of Washington in St. Louis received the highest average familiarity
ratings. Furthermore, familiarity does not strongly correlate with the universities’ U.S.
News ranking within each selectivity category. 24

Since familiarity with the U.S. schools affects both quality rating and interview deci-
sions, it is important to examine what affects a recruiter or a company’s knowledge about
these schools. In Table 12, we examine the effect of company size, position education
requirement, and the recruiters’ years of experience working at the current company
as a human resource manager. In Column (1), we regress the familiarity rating on the
interaction between U.S. school selectivity and company size. The bigger the company
is, the more familiar they are with the more selective U.S. schools. At each company size
level, the recruiters are more familiar with the more selective schools.

Similarly, at most recruiter experience levels in Column (2), selective schools receive
higher familiarity ratings. However, years of experience is not linearly correlated with
knowledge for the foreign schools.

Finally, the recruiters with higher position degree requirement are more familiar with
the selective U.S. schools in Column (3).

Together, these results suggest that bigger firms with higher job degree requirements
are more likely to tell which foreign schools are more selective. They also tend to give the
graduates from these selective U.S. schools higher ratings and more interview opportuni-

23We also used alternative specification using U.S. News rank, and the result is very similar
24For Australian universities’ familiarity ratings, please see table A.9
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ties.

4 Additional Results

4.1 Gender and Education

In this subsection, we explore where the difference in ratings between male and female
candidates stem from. It turns out that gender difference in our sample does not come
from education level, undergraduate institutions’ selectivity, or internship quality. Rather,
it comes from how recruiters rate the two genders differently for specific master’s degree
types.

In Table 13 Column (1), we regress quality z-score on female interacted with four
different master’s types. The sample is restricted to resumes with master’s degrees and
with no additional treatment. The difference across gender is the biggest for Chinese less
selective master’s, with females receiving 0.32 standard deviation lower score than males.
For each remaining master’s type, females also have lower score than male, although none
of the differences are statistically significant, and the magnitude is much smaller.

The negative impact for females with Chinese less selective master’s persists for the
other two outcomes as well. Recruiters think they are less likely than their male counter-
parts to accept the job offer and are also less likely to interview them.

This result is somewhat consistent with our previous audit study’s findings. Specifically,
we find that firms with high degree requirement and high salary offers are less likely to call
women with less selective master’s degrees than females with only undergraduate degrees
(this is not true for males). These firms might perceive negative selection of women who
obtains master’s degrees from less selective institutions.25 It is unclear why this perception
does not exist for male candidates. 26

4.2 Over-qualification

We separate the sample into positions requiring at least bachelor’s degrees and at least
master’s degrees to examine over-qualification. Table 6 restrict the sample to recruiters
whose reference job positions only require bachelor’s degrees. The regression specifications
are otherwise identical to the main regression.

In Column (1), the recruiters generally rate master’s degrees more favorably than
bachelor’s degrees in terms of quality. However, in Columns (2) and (3), master’s degrees

25Although when we look at the difference in rating and interview choice for female with or without less
selective Chinese master’s in this sample, having a master’s degree raise both outcomes. This could be due to
the difference in the Chinese schools we are using, or in the type of firms and positions.

26When we talked to the recruiters after they complete the surveys, some of them mentioned that they
prefer males for some stereotypical male positions/industries. We will look into this further.
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negatively impact the likelihood of accepting the offers, especially when holding the
quality score constant. This shows that recruiters are concerned about over-qualification,
and that master’s graduates are less likely to take on the job offer. In Columns (4) and (5),
we see that master’s and bachelor’s degree holders receive similar interviews on average.
This could be a result of companies trying to balance the quality of the candidates and the
likelihood the candidates are going to accept the offer.

If we look at the same regression for positions that require at least a master’s degree in
Table 7, the difference resulting from candidates’ education level becomes huge. Master’s
degree holders have a much larger quality score than undergraduates, and they are more
likely to be interviewed. Interestingly, in Column (3), the probability of accepting offers
has a negative coefficient on master’s degrees after controlling for quality score. However,
the trade-off between resume quality and probability of accepting the offer here is more in
favor of the former. In Column (5), the coefficient on Chinese selective master’s is positive
and significant after controlling for both quality score and acceptance probability. In
other words, for positions that prefer master’s graduates, the recruiters are more likely
to interview master’s candidates than bachelor’s even when bachelor’s candidates with
similar quality score are more likely to accept the job offer.

4.3 Returns to Master Types by Bachelor’s Selectivity

Obtaining a master’s degree may have different impact on applicants who graduated
from a less versus more selective undergraduate institution. In Table 14, we examine this
question by restricting the sample to those with master’s degrees and separating them
according to their bachelor’s degree selectivity. Columns (1) and (3) show the quality score
results for less and more selective bachelor’s degrees respectively. The average quality
score for master’s degree holders with less selective bachelor’s is 0.17 standard devia-
tions lower than selective bachelor’s. Obtaining a master’s degree on average increases
the quality score by 0.48 to 0.92 standard deviations for applicants with less selective
bachelor’s. For those with more selective bachelor’s, the gain from master’s degree range
from 0.77 to 0.96 standard deviations.27 The impact on quality score for different types of
master’s degrees is similar for those with less and more selective bachelor’s. This means
applicants with less selective bachelor’s gain from obtaining master’s degrees similarly as
the applicants with more selective bachelor’s.

The result is somewhat similar for interview choices in columns (2) and (4). Different
types of master’s degrees add similar values to less and more selective bachelor’s degrees.
In this case, however, there’s little raw difference between the average interview choice
between the two bachelor’s types (the constants are 0.12 and 0.13, respectively).

To sum up, having a master’s degree helps applicants with less and more selective
bachelor’s equally. Conditional on the master’s type, however, undergraduate institutions’
selectivity still matters for quality score.

27We use U.S. less selective master’s as baseline here because we didn’t include resumes with selective
bachelor’s and less selective Chinese master’s in our study. This particular pair is extremely rare in the real
resumes that we collected online.
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5 Conclusion

Our paper asks whether U.S. and Chinese master’s degrees are received differently
in the Chinese labor market. To answer this question, we employed the resume-rating
method and asked recruiters to rate fictitious resumes in terms of their perceived quality,
the candidates’ probability of accepting the offer, and the interview choices under con-
straint.

We find the answer to our research questions depends both on the selectivity of the U.S.
institutions and –to a larger extent– on Chinese firms’ familiarity with those schools. For
U.S. selective master’s, Chinese recruiters treat them similarly as Chinese selective master’s
when they are familiar with the schools. But if the recruiters are not familiar with the U.S.
schools, the returns to selectivity is not significant. Most shockingly, using admissions rate,
we find familiarity is positively correlated with the ratings, while selectivity is negatively
correlated with the outcomes.

Regarding over-qualification, we find master’s degree holders do not hold an advantage
over bachelor’s candidates for job positions requiring only bachelor’s degree. The main
reason is that companies think master’s graduates are less likely to accept the job offers,
therefore are no more likely to interview them than bachelor’s graduates.

Female candidates with less selective Chinese master’s receive unfavorable ratings
and callbacks in both previous pilot study and the current study. Potential causes could
include perceived negative selection for females who attend less selective master’s as well
as preference for male candidates for certain positions. But further research is needed to
find the exact reason.

Finally, we find no interaction between master’s and bachelor’s selectivity. Having mas-
ter’s degrees provides additive benefits to the applicants regardless of their undergraduate
institutions’ selectivity.

Our study provides potential useful information for students who are deciding whether
to obtain finance master’s degrees and where to obtain them. In the Chinese labor market,
a selective Chinese degree is highly desired, especially for jobs with higher education
requirements. The value of a foreign degree depends more on the school’s reputation
and alumni network in the Chinese firms than its selectivity. It is advisable to consider
these factors before making educational decisions that require extensive time and financial
commitments.

It goes without saying that university programs with large international bodies or
intend to recruit more international students may want to publicize their programs in
the students’ origin countries. Making the programs known increases the chance that the
graduates will receive a greater number of job offers, which in turn helps spreading the
school’s name to more companies, therefore creating a virtuous cycle.
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6 Figures and Tables
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Figure 1: Distribution of alien tertiary degree by country of origin
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Figure 2: Growth of Chinese oversea students and returnees
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Figure 3: Chinese Students at Bachelor’s and Master’s Level
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Figure 4: Translated Sample Resume
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Resume Element Variation
Gender Female (50%); Male (50%)
Education

Master’s Degree Yes (60%); No (40%)
Location CHN (50%); U.S. (50%)

or CHN (43%); U.S. (43%); AUS (14%)
Quality Less-Selective (50%); Selective (50%)

Bachelor’s Degree Yes (100%)
Location CHN (100%)
Quality Less-Selective (60%); Selective (40%)

Internship
Quantity Low (50%); High (50%)
Quality Low (50%); High (50%)

Table 1: Main Design
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Number of Employers Percentage
Total 49 100%

By Gender
Female 38 77.6%
Male 11 22.4%

By Minumum Education Requirement
Bachelor’s 25 52.2%
Master’s (undergrad acceptable) 14 29.2%
Master’s (do not consider undergrad) 9 18.6%

By Location of Usual Recruits’ College
China, Shanghai 47 95.9%
China, non-Shanghai 43 87.8%
Foreign, U.S. 39 79.6%
Foreign, non-U.S. 39 79.6%

Table 2: Employer and Vacancy Characteristics
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Number of Employers Percentage
Total 49 100%

By Company Size
Less than 50 people 3 6.1%
51-150 people 11 22.5%
151-500 people 12 24.5%
501-1000 people 7 14.5%
1001-5000 people 10 20.4%
More than people 6 12.2%

By Years Worked in the Current Company as a Recruiter
Less than 1 year 8 16.3%
1-3 years 21 42.9%
3-5 years 10 20.4%
5-10 years 8 16.3%
More than 10 years 2 4.1%

By Typical Time Spent on Each Resume
0-30 seconds 10 20.4 %
30 seconds-1 minute 25 51.0%
1-3 minutes 9 18.4%
3-5 minutes 5 10.2%
5-10 minutes 0 0%

Table 3: Employer and Vacancy Characteristics, Cont’ed
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview interview

(z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)

Education: Master’s (Baseline: CHN Master’s)
U.S. Master’s 0.03 0.06 0.04 -0.04 -0.04

(0.074) (0.068) (0.044) (0.032) (0.028)
Education: Master’s X Bachelor’s Selectivity

Master’s 0.68*** 0.08 -0.25** 0.15*** 0.03
(0.105) (0.115) (0.096) (0.030) (0.028)

Selective Bachelor’s 0.26** 0.01 -0.12 0.07** 0.05
(0.108) (0.133) (0.129) (0.034) (0.030)

Master’s X Selective B 0.22 0.13 0.02 0.07 0.00
Other Resume Items

(0.139) (0.160) (0.149) (0.044) (0.040)
High Intern Quantity 0.09** 0.02 -0.02 0.01 0.00

(0.041) (0.044) (0.039) (0.019) (0.018)
High Intern Quality 0.09** 0.10** 0.06 0.01 -0.01

(0.044) (0.043) (0.038) (0.020) (0.018)
Female -0.10* -0.08 -0.03 -0.04* -0.01

(0.055) (0.056) (0.048) (0.021) (0.017)
Additional Treatment Dummies

Fake U.S. School 0.05 0.07 0.04 -0.07 -0.09
(0.126) (0.140) (0.119) (0.070) (0.062)

CFA Certificate 0.14 0.13 0.07 -0.04 -0.06
(0.097) (0.108) (0.088) (0.054) (0.046)

Low English Skill 0.01 -0.01 -0.02 -0.05 -0.04
(0.095) (0.099) (0.093) (0.058) (0.053)

Low Quality U.S. Internship 0.12 0.12 0.06 0.13 0.08
(0.114) (0.155) (0.130) (0.085) (0.069)

High Quality U.S. Internship -0.09 -0.02 0.02 -0.08 -0.04
(0.129) (0.148) (0.121) (0.071) (0.060)

Australia Master’s -0.08 0.13 0.16 -0.04 -0.05
(0.157) (0.144) (0.104) (0.066) (0.048)

Quality Score 0.48*** 0.18***
(z-score) (0.068) (0.012)
Probability Accept 0.08***
(z-score) (0.012)
Constant -0.65*** -0.13 0.18** 0.09*** 0.19***

(0.078) (0.093) (0.081) (0.028) (0.026)

Observations 2,450 2,450 2,450 2,060 2,060
R-squared 0.164 0.013 0.206 0.046 0.282

Columns (1)-(3) are OLS regressions. Both quality scores and probability accept are normalized within
each recruiter with mean equals to 0 and standard deviation equals to 1. Columns (4)-(5) are OLS
regressions with subject X resume group fixed effect (every 10 resumes are in the same group).
Standard errors are clustered at subject-level and subject x resume group-level respectively.
*** p<0.01, ** p<0.05, * p<0.1

Table 4: Raw Difference between U.S. and Chinese Master’s
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview Interview
(z-score) (z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)

Education: Master’s (Baseline: CHN Less Selective)
U.S. Selective 0.33*** 0.19* 0.03 0.05 -0.02

(0.105) (0.100) (0.071) (0.042) (0.037)
CHN Selective 0.48*** 0.23** -0.00 0.15*** 0.04

(0.093) (0.100) (0.076) (0.042) (0.036)
U.S. Less Selective 0.23*** 0.17** 0.05 0.03 -0.03

(0.072) (0.077) (0.058) (0.038) (0.032)
Education: Master’s X Bachelor’s Selectivity

Master’s 0.49*** -0.01 -0.25** 0.09*** 0.02
(0.117) (0.113) (0.095) (0.033) (0.029)

Selective Bachelor’s 0.26** 0.01 -0.12 0.07** 0.05
(0.108) (0.133) (0.129) (0.034) (0.030)

Master’s X Selective B 0.08 0.06 0.02 0.02 -0.01
(0.132) (0.162) (0.157) (0.044) (0.040)

Other Resume Items
High Intern Quantity 0.09** 0.02 -0.02 0.02 0.00

(0.040) (0.044) (0.040) (0.019) (0.018)
High Intern Quality 0.09** 0.10** 0.06 0.01 -0.01

(0.043) (0.043) (0.038) (0.021) (0.018)
Female -0.10* -0.08 -0.03 -0.04* -0.01

(0.055) (0.056) (0.048) (0.021) (0.017)
Additional Treatment Dummies

Fake U.S. School 0.34** 0.25* 0.08 -0.03 -0.11*
(0.134) (0.135) (0.118) (0.072) (0.065)

CFA Certificate 0.26*** 0.18* 0.06 -0.00 -0.05
(0.095) (0.109) (0.091) (0.055) (0.047)

Low English Skill 0.04 -0.00 -0.02 -0.04 -0.04
(0.096) (0.099) (0.094) (0.058) (0.053)

Low Quality U.S. Internship 0.18 0.13 0.05 0.14 0.08
(0.115) (0.153) (0.127) (0.088) (0.071)

High Quality U.S. Internship -0.04 -0.01 0.01 -0.06 -0.04
(0.134) (0.148) (0.118) (0.073) (0.062)

Australia Selective 0.27 0.20 0.07 0.05 -0.03
(0.180) (0.165) (0.124) (0.086) (0.072)

Australia Less Selective -0.01 0.26 0.26 0.01 -0.04
(0.197) (0.197) (0.168) (0.085) (0.055)

Quality Score 0.48*** 0.18***
(z-score) (0.068) (0.012)
Probability Accept 0.08***

(0.012)
Observations 2,450 2,450 2,450 2,060 2,060
R-squared 0.178 0.017 0.206 0.054 0.283

Columns (1)-(3) are OLS regressions. Both quality scores and probability accept are normalized within
each recruiter with mean equals to 0 and standard deviation equals to 1. Columns (4)-(5) are OLS
regressions with subject X resume group fixed effect (every 10 resumes are in the same group).
Standard errors are clustered at subject-level and subject x resume group-level respectively.
*** p<0.01, ** p<0.05, * p<0.1

Table 5: Main Regression
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview Interview
(z-score) (z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)

Education: Master’s (Baseline: CHN Less Selective)
U.S. Selective 0.18 0.09 -0.00 0.03 -0.01

(0.136) (0.134) (0.086) (0.055) (0.050)
CHN Selective 0.40*** 0.16 -0.05 0.06 -0.01

(0.138) (0.138) (0.085) (0.052) (0.049)
U.S. Less Selective 0.20** 0.11 0.00 0.03 -0.01

(0.095) (0.074) (0.056) (0.048) (0.040)
Education: Master’s X Bachelor’s Selectivity

Master’s 0.16 -0.12 -0.21** 0.02 -0.01
(0.163) (0.121) (0.101) (0.046) (0.042)

Selective Bachelor’s 0.21 0.02 -0.09 0.05 0.02
(0.135) (0.137) (0.124) (0.049) (0.043)

Master’s X Selective B 0.15 0.09 0.01 -0.01 -0.03
(0.182) (0.178) (0.150) (0.058) (0.053)

Other Resume Items
High Intern Quantity 0.08 0.02 -0.02 0.03 0.02

(0.058) (0.064) (0.048) (0.026) (0.023)
High Intern Quality 0.10 0.13* 0.08 -0.02 -0.05*

(0.064) (0.066) (0.056) (0.030) (0.025)
Female -0.14* -0.07 0.00 -0.06* -0.03

(0.078) (0.086) (0.070) (0.031) (0.025)
Additional Treatment Dummies

Fake U.S. School 0.50** 0.38* 0.12 0.04 -0.08
(0.212) (0.200) (0.140) (0.114) (0.097)

CFA Certificate 0.49*** 0.24 -0.02 0.01 -0.04
(0.148) (0.164) (0.113) (0.076) (0.057)

Low English Skill 0.05 -0.05 -0.08 0.04 0.04
(0.141) (0.124) (0.115) (0.088) (0.076)

Low Quality U.S. Internship 0.21 0.25 0.14 0.17 0.06
(0.171) (0.194) (0.125) (0.124) (0.097)

High Quality U.S. Internship 0.01 -0.01 -0.02 -0.12 -0.09
(0.204) (0.248) (0.198) (0.081) (0.058)

Australia Selective 0.23 -0.04 -0.17 0.04 0.00
(0.268) (0.195) (0.141) (0.114) (0.098)

Australia Less Selective -0.09 0.28 0.33* -0.04 -0.07
(0.285) (0.239) (0.189) (0.103) (0.064)

Quality Score 0.53*** 0.16***
(z-score) (0.096) (0.018)
Probability Accept 0.11***
(z-score) (0.016)
Observations 1,250 1,250 1,250 1,130 1,130
R-squared 0.095 0.016 0.269 0.020 0.273

Note: Sample restricted to job positions with minimum education requirement equals to bachelor’s
degrees. Columns (1)-(3) are OLS regressions with normalized dependent variables. Columns (4)-(5)
are OLS regressions with subject X resume group fixed effect (every 10 resumes are in the same group).
Standard errors are clustered at subject-level and subject x resume group-level respectively.

Table 6: Main Regression, Low Education Requirement (=Bachelor’s)
26



(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview Interview
(z-score) (z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)

Education: Master’s (Baseline: CHN Less Selective)
U.S. Selective 0.46*** 0.25* 0.07 0.08 -0.04

(0.157) (0.143) (0.117) (0.064) (0.056)
CHN Selective 0.57*** 0.31** 0.09 0.26*** 0.10*

(0.130) (0.150) (0.135) (0.070) (0.056)
US Less Selective 0.23** 0.19 0.09 0.04 -0.03

(0.108) (0.138) (0.108) (0.061) (0.054)
Education: Master’s X Bachelor’s Selectivity

Master’s 0.77*** 0.08 -0.22 0.16*** 0.04
(0.127) (0.184) (0.156) (0.042) (0.043)

Selective Bachelor’s 0.26* 0.05 -0.06 0.08* 0.05
(0.150) (0.230) (0.239) (0.042) (0.043)

Master’s X Selective B 0.09 -0.02 -0.05 0.09 0.06
(0.177) (0.282) (0.291) (0.066) (0.062)

Other Resume Items
High Intern Quantity 0.11* 0.02 -0.02 0.00 -0.03

(0.061) (0.065) (0.067) (0.027) (0.028)
High Intern Quality 0.09 0.07 0.04 0.03 0.03

(0.062) (0.057) (0.053) (0.028) (0.027)
Female -0.08 -0.09 -0.06 -0.01 0.01

(0.082) (0.079) (0.071) (0.029) (0.026)
Additional Treatment Dummies

Fake U.S. School 0.20 0.10 0.03 -0.09 -0.15*
(0.166) (0.190) (0.195) (0.084) (0.087)

CFA Certificate 0.01 0.12 0.12 -0.01 -0.03
(0.107) (0.153) (0.144) (0.082) (0.079)

Low English Skill 0.03 0.04 0.03 -0.10 -0.11
(0.133) (0.160) (0.156) (0.077) (0.076)

Low Quality U.S. Internship 0.17 0.03 -0.03 0.13 0.11
(0.160) (0.249) (0.233) (0.132) (0.111)

High Quality U.S. Internship -0.02 0.06 0.07 0.04 0.02
(0.161) (0.152) (0.131) (0.134) (0.124)

Australia Selective 0.40* 0.63*** 0.47*** 0.06 -0.07
(0.203) (0.204) (0.141) (0.139) (0.101)

Australia Less Selective 0.17 0.22 0.15 0.14 0.03
(0.245) (0.323) (0.290) (0.144) (0.096)

Quality Score 0.39*** 0.19***
(z-score) (0.099) (0.017)
Probability Accept 0.04***
(z-score) (0.016)
Observations 1,150 1,150 1,150 880 880
R-squared 0.324 0.030 0.134 0.166 0.339

Note: Sample restricted to job positions with minimum education requirement equals to master’s
degrees. Columns (1)-(3) are OLS regressions with normalized dependent variables. Columns (4)-(5)
are OLS regressions with subject X resume group fixed effect (every 10 resumes are in the same group).
Standard errors are clustered at subject-level and subject x resume group-level respectively.

Table 7: Main Regression, High Education Requirement (=Master’s)
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(1) (2) (3) (4)
VARIABLES Quality Score Quality Score Interview interview

(z-score) (z-score) (10 choose 2) (10 choose 2)
U.S. Selectivity x Familiarity

U.S. Selective -0.016 0.097 0.056 0.024
(0.333) (0.079) (0.046) (0.038)

Familiarity=“Heard Of” -0.264
(0.191)

Familiarity = “Some Info” -0.285
(0.234)

Familiarity = “Very Familiar” -0.321 -0.097 -0.014 0.022
(0.272) (0.200) (0.121) (0.111)

U.S. Selective 0.066
#Familiarity=“Heard Of” (0.304)

U.S. Selective 0.196
#Familiarity = “Some Info” (0.374)

U.S. Selective 0.470 0.363 0.172** 0.119*
#Familiarity = “Very Familiar” (0.370) (0.222) (0.079) (0.070)

Other Controls
High Intern Quantity 0.197*** 0.189*** 0.058 0.018

(0.052) (0.054) (0.043) (0.039)
High Intern Quality 0.131* 0.138* -0.030 -0.067*

(0.074) (0.076) (0.046) (0.039)
Female -0.085 -0.091 -0.006 -0.000

(0.119) (0.123) (0.049) (0.047)
Quality Score 0.187***
(z-score) (0.028)
Probability Accept 0.090***
(z-score) (0.025)
Constant 0.352 0.114 0.175*** 0.166***

(0.215) (0.090) (0.044) (0.040)
Observations 559 559 519 519
R-squared 0.044 0.039 0.023 0.262
Note: We restrict the sample to U.S. master’s resumes with no additional treatments.
Columns (1)-(2) are OLS regressions with normalized quality scores. Columns (3)-(4) are
OLS regressions with subject X resume group fixed effect. Standard errors are clustered at
subject-level and subject x resume group-level respectively. *** p<0.01, ** p<0.05, * p<0.1

Table 8: Selectivity Interacted with Familiarity
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(1) (2) (3)
VARIABLES Quality Score Interview Interview

(z-score) (10 choose 2) (10 choose 2)

Familiarity X University Acceptance Rate
Familiarity 0.26*** 0.12** 0.08
(1-4) (0.089) (0.054) (0.048)
Acceptance Rate 0.96* 0.45 0.29
(0%-100%) (0.563) (0.281) (0.247)
Familiarity X Acceptance -0.41** -0.20* -0.12

(0.197) (0.108) (0.098)

Other Resume Items
Selective B’s 0.32*** 0.14*** 0.07*

(0.086) (0.044) (0.038)
High Intern Quantity 0.17*** 0.05 0.01

(0.051) (0.042) (0.037)
High Intern Quality 0.14* -0.04 -0.08**

(0.075) (0.042) (0.035)
Female -0.14 -0.05 -0.02

(0.121) (0.042) (0.037)
CFA Certificate 0.31** 0.00 -0.06

(0.139) (0.088) (0.073)
Low Quality U.S. Internship 0.25** 0.11 0.03

(0.118) (0.092) (0.075)
High Quality U.S. Internship -0.04 0.04 0.04

(0.128) (0.084) (0.078)
Quality Score 0.19***
(z-score) (0.024)
Probability Accept 0.09***
(z-score) (0.020)
Constant -0.57** -0.12 -0.03

(0.243) (0.157) (0.136)

Observations 766 706 706
R-squared 0.074 0.060 0.290

Note: Sample restricted to resumes with real U.S. Master’s degrees. The
admissions acceptance rate is collected through U.S. News. The acceptance
rate ranges from 10% to 79% in the sample.

Table 9: Familiarity Versus Acceptance Rate
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview Interview
(z-score) (z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)

Education: Master’s (Baseline: CHN Less Selective)
US Selective, Familiar 0.64*** 0.30** -0.01 0.19** 0.05

(0.163) (0.145) (0.112) (0.077) (0.064)
US Selective, Unfamiliar 0.25** 0.15 0.03 0.00 -0.05

(0.108) (0.111) (0.077) (0.046) (0.041)
CHN Selective 0.49*** 0.23** -0.00 0.15*** 0.04

(0.094) (0.099) (0.074) (0.042) (0.035)
US Less Selective, Familiar 0.29 0.16 0.02 0.20* 0.09

(0.202) (0.262) (0.187) (0.123) (0.097)
US Less Selective, Unfamiliar 0.25*** 0.18** 0.06 0.03 -0.03

(0.075) (0.077) (0.058) (0.037) (0.032)
Fake U.S. School 0.35** 0.25* 0.08 -0.02 -0.11*

(0.135) (0.135) (0.118) (0.072) (0.065)
Education: Master’s X Bachelor’s Selectivity

Master’s 0.48*** -0.02 -0.25** 0.09*** 0.02
(0.118) (0.112) (0.094) (0.032) (0.029)

Selective Bachelor’s 0.26** 0.01 -0.12 0.07** 0.05
(0.108) (0.134) (0.130) (0.034) (0.030)

Master’s X Selective B 0.07 0.06 0.02 0.02 -0.01
(0.133) (0.162) (0.157) (0.044) (0.040)

Other Resume Items
High Intern Quantity 0.10** 0.03 -0.02 0.02 0.00

(0.040) (0.044) (0.040) (0.019) (0.018)
High Intern Quality 0.09** 0.10** 0.06 0.01 -0.01

(0.044) (0.043) (0.038) (0.020) (0.018)
Female -0.10* -0.08 -0.03 -0.04* -0.01

(0.054) (0.056) (0.048) (0.021) (0.017)
Quality Score 0.48*** 0.18***
(z-score) (0.068) (0.013)
Probability Accept 0.08***
(z-score) (0.012)
Observations 2,450 2,450 2,450 2,060 2,060
R-squared 0.183 0.017 0.206 0.059 0.285
Columns (1)-(3) are OLS regressions. Both quality scores and probability accept are normalized within
each recruiter with mean equals to 0 and standard deviation equals to 1. Columns (4)-(5) are OLS
regressions with subject X resume group fixed effect (every 10 resumes are in the same group).
Standard errors are clustered at subject-level and subject x resume group-level respectively.
*** p<0.01, ** p<0.05, * p<0.1

Table 10: Main Regression with Familiarity Categories
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Familiarity/Rank Avg SD Rank N Avg SD Rank N
More Selective Schools Less Selective Schools

Boston University 3.4 0.69 39 27 Illinois Inst. of Tech. 2.6 0.75 103 38
New York University 3.3 0.72 36 27 U of South Florida 2.5 0.75 159 40
Johns Hopkins 3.0 0.90 10 28 Syracuse University 2.4 0.90 60 33
U of Washington, St. Louis 3.0 0.71 19 27 U of Texas, Dallas 2.3 0.82 146 37
Boston College 2.8 0.68 31 27 University of Denver 2.3 0.81 86 42
University of Rochester 2.7 0.84 32 25 Pace University 2.2 0.64 188 45
University of Illinois 2.5 0.77 44 25 Hofstra University 2.2 0.66 133 29
UC San Diego 2.5 0.80 86 22 Clark University 2.1 0.69 74 34
Case Western University 2.0 0.79 37 22 Drexel University 2.1 0.78 96 32

Fake Schools
Newark University 2.0 0.73 20
Merton University 1.9 0.60 27
Note: The table shows the average and standard deviation of the familiarity rankings (1=“Never
Heard of”, 2 = “Heard of”, 3 =“Some Info”, and 4=“Very Familiar”). For each subgroup (more
selective, less selective, and fake schools), we order the schools from the most familiar to the least
familiar ones.

Table 11: U.S. Institutions Familiarity Ratings
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(1) (2) (3)
Company Size Familiarity HR Years Familiarity Degree Req. Familiarity

(1-4) (1-4) (1-4)

U.S. Less Selective Schools

< 50 People 0.00 < 1 Year 0.00 Bachelor’s 0.00
(omitted) (0.000) (omitted) (0.000) (omitted) (0.000)
51-150 People 0.21 1-3 Years -0.30* Master’s (Loose) 0.26

(0.159) (0.169) (0.165)
151-500 People 0.10 3-5 Years -0.20 Master’s (Strict) 0.06

(0.177) (0.188) (0.152)
501-1000 People -0.00 5-10 Years -0.37

(0.195) (0.240)
1000-5000 People 0.47** > 10 Years -0.38*

(0.196) (0.222)
>5000 People 0.27

(0.210)

U.S. More Selective Schools

<50 People 0.54** < 1 Year 0.26* Bachelor’s 0.37***
(0.246) (0.134) (0.099)

51-150 People 0.65*** 1-3 Years 0.24 Master’s (Loose) 0.69***
(0.163) (0.172) (0.157)

151-500 People 0.42** 3-5 Years 0.36* Master’s (Strict) 0.76***
(0.178) (0.211) (0.163)

501-1000 People 0.61** 5-10 Years 0.01
(0.237) (0.245)

1000-5000 People 0.78*** > 10 Years -0.38*
(0.215) (0.222)

> 5000 People 0.87***
(0.199)

Constant 2.13*** Constant 2.58*** Constant 2.24***
(0.119) (0.137) (0.085)

Observations 216 Observations 216 Observations 211
R-squared 0.088 R-squared 0.083 R-squared 0.081
Note: OLS regressions with standard errors clustered at subject-level. The dependent variable
is familiarity (takes values 1 to 4 from least familiar to extremely familiar). In Column (1),
the independent variables are U.S. school selectivity interacted with company size. In
Column (2), the independent variables are U.S. school selectivity interacted with human
resource managers’ years of experience at the current firm. Column (3) interact familiarity
with degree requirements. Master’s (loose) means the position still accept bachelor’s
applicants, although Master’s is preferred. Master’s (strict) means the position only
accepts master’s graduates. *** p<0.01, ** p<0.05, * p<0.1

Table 12: Familiarity: Company Size, Years of Experience, and Degree Requirement
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview interview

(z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)

Female X Master’s Type
Female, CHN Less Selective -0.32** -0.36*** -0.19* -0.15*** -0.05
(Omit: Male, CHN Less Selective) (0.132) (0.132) (0.097) (0.054) (0.051)

Male, U.S. Less Selective 0.12 -0.09 -0.15 -0.04 -0.07
(0.118) (0.124) (0.101) (0.060) (0.053)

Female, U.S. Less Selective 0.04 0.05 0.02 -0.10* -0.11**
(0.117) (0.099) (0.084) (0.060) (0.054)

Male, CHN Selective 0.33** 0.05 -0.13 0.08 -0.02
(0.138) (0.121) (0.099) (0.068) (0.061)

Female, CHN Selective 0.27* 0.05 -0.09 0.02 -0.05
(0.155) (0.166) (0.119) (0.063) (0.052)

Male, U.S. Selective 0.23* -0.01 -0.14 0.01 -0.05
(0.133) (0.148) (0.118) (0.060) (0.057)

Female, U.S. Selective 0.12 0.05 -0.02 -0.04 -0.07
(0.147) (0.132) (0.104) (0.059) (0.053)

Other Controls
Selective Bachelor’s 0.35*** 0.04 -0.15* 0.13*** 0.06*

(0.074) (0.091) (0.075) (0.037) (0.032)
High Intern Quantity 0.11** 0.04 -0.02 0.02 -0.00

(0.041) (0.057) (0.050) (0.028) (0.026)
High Intern Quality 0.12** 0.13** 0.07 0.02 -0.01

(0.048) (0.050) (0.047) (0.029) (0.025)
Quality Score 0.54*** 0.21***

(0.068) (0.021)
Probability Accept 0.08***
(z-score) (0.020)
Observations 1,176 1,176 1,176 1,080 1,080
R-squared 0.121 0.027 0.267 0.055 0.292

Note: Columns (1)-(3) are OLS regressions. Both quality scores and probability accept are normalized within
each recruiter with mean equals to 0 and standard deviation equals to 1. Columns (4)-(5) are OLS
regressions with subject X resume group fixed effect (every 10 resumes are in the same group).
Standard errors are clustered at subject-level and subject x resume group-level respectively.
*** p<0.01, ** p<0.05, * p<0.1

Table 13: Gender Interactions
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(1) (2) (3) (4)
VARIABLES Quality Score Interview Quality Score Interview

(z-score) (10 choose 2) (z-score) (10 choose 2)
Less Selective B’s Less Selective B’s Selective Bachelor’s Selective Bachelor’s

Education: Master’s (Baseline: U.S. Less Selective)
U.S. Selective 0.07 0.03 0.14 0.02

(0.091) (0.055) (0.138) (0.084)
CHN Selective 0.21* 0.08 0.19 0.10

(0.124) (0.066) (0.123) (0.086)
CHN Less Selective -0.23*** -0.05 N/A N/A

(0.076) (0.043)
Master’s 0.71*** 0.13*** 0.77*** 0.14**

(0.128) (0.042) (0.122) (0.069)

Other Resume Items
High Intern Quantity 0.11** 0.01 0.10 0.02

(0.047) (0.025) (0.064) (0.033)
High Intern Quality 0.09 0.01 0.11* 0.03

(0.059) (0.026) (0.063) (0.036)
Female -0.21*** -0.08*** -0.08 -0.03

(0.062) (0.025) (0.097) (0.040)

Constant -0.58*** 0.12*** -0.41*** 0.13***
(0.081) (0.030) (0.067) (0.034)

Observations 1,453 1,189 933 809
R-squared 0.131 0.036 0.180 0.061
Note: Columns (1)-(4) are OLS regressions. Quality scores are normalized within each recruiter
with mean equals to 0 and standard deviation equals to 1. Columns (2) and (4) uses subject X resume
group fixed effect (every 10 resumes are in the same group). Standard errors are clustered at subject-level
and subject x resume group-level respectively. Each regression also controls for additional treatment
dummies. Sample restricted to master’s degree holders. *** p<0.01, ** p<0.05, * p<0.1

Table 14: Returns by Bachelor’s Types
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A Appendix: Figures and Tables

Top Tier (Rank=5) Columbia University Shanghai Jiaotong University

Finance $64,492 $5,935
Computer Science $46,464 $2,216
Engineering $58,110 $2,375
MBA $71,544 $21,846

Middle Tier (Rank=35) Boston University Hunan University

Financial Management $50,980 $2,216
Computer Science $50,980 $1,900
Engineering $50,980 $1,900
MBA $51,916 $4,75028

Lower Tier (Rank=85) University of Delaware Henan University

Finance $45,288 $1,265
Computer Science $30,192 $1,265
Engineering $20,192 $1,265
MBA $26,250 $4,418

Table A.1: Sample Tuition for Programs in Different Tiers per Year

CIP code and major Aliens AlienInMajor
AllAlienInMaster ′s%

52.0201 Bus Admin and Management, General 99714 13.98%
14.1001 Electrical and Electronics Engineering 47937 6.72%
11.0701 Computer Science 34254 4.80%
11.0101 Computer and Info Sciences, General 26587 3.73%
52.0301 Accounting 20915 2.93%
52.0801 Finance, General 19887 2.79%
14.1901 Mechanical Engineering 17477 2.45%

Source: IPEDS

Table A.2: Alien completion by majors, 2010-2016.
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Gender Master’s Undergrad Internship Number
Male, Female Chn Selective Random LLL,LLH,LL,LH 8
Male, Female Chn Less Selective Less Selective LLL,LLH,LL,LH 8
Male U.S. Selective Random LLL,LLH,LL,LH 4
Male U.S. Less Selective Random LLL,LLH,LL,LH 4
Male, Female - Selective LL,LH,L,H 8
Male, Female - Less Selective LL,LH,L,H 8
Note: For internship, L stands for low internship quality, and H stands for
high internship quality. LLH means the resume has two low-quality internships
and one high-quality internship.

Table A.3: Main Design One

Gender Master’s Undergrad Internship Number
Male Chn Selective Random LLL,LLH,LL,LH 8
Male Chn Less Selective Less-Selective LLL,LLH,LL,LH 8
Male, Female U.S. Selective Random LLL,LLH,LL,LH 4
Male, Female U.S. Less Selective Random LLL,LLH,LL,LH 4
Male, Female - Less Selective LL,LH,L,H 8
Male, Female - Less Selective LL,LH,L,H 8

Table A.4: Main Design Two

Gender Master’s Undergrad Internship Number
Male, Female Chn Selective Random LLL,LLH,LL,LH 8
Male, Female Chn Less Selective Less Selective LLL,LLH,LL,LH 8
Female U.S. Selective Random LLL,LLH,LL,LH 4
Female U.S. Less Selective Random LLL,LLH,LL,LH 4
Male, Female - Selective LL,LH,L,H 8
Male, Female - Less Selective LL,LH,L,H 8

Table A.5: Main Design Three

Gender Master’s Undergrad Internship Number
Female Chn Selective Random LLL,LLH,LL,LH 8
Female Chn Less Selective Less Selective LLL,LLH,LL,LH 8
Male, Female U.S. Selective Random LLL,LLH,LL,LH 4
Male, Female U.S. Less Selective Random LLL,LLH,LL,LH 4
Male, Female - Selective LL,LH,L,H 8
Male, Female - Less Selective LL,LH,L,H 8

Table A.6: Main Design Four
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview Interview

(z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)
Selective Bachelor’s 0.22* 0.06 -0.03 0.12** 0.10**

(0.125) (0.124) (0.107) (0.048) (0.046)
High Intern Quantity 0.07 0.07 0.04 0.03 0.02

(0.073) (0.060) (0.054) (0.034) (0.031)
High Intern Quality 0.02 0.03 0.03 -0.03 -0.03

(0.081) (0.069) (0.060) (0.037) (0.034)
Female -0.10 -0.04 -0.00 -0.04 -0.02

(0.090) (0.101) (0.092) (0.034) (0.032)
Quality Score 0.41*** 0.11***
(z-score) (0.100) (0.022)
Prob Accept 0.05**
(z-score) (0.021)

Observations 624 624 624 550 550
R-squared 0.012 0.003 0.173 0.026 0.157
Note: Sample restricted to job positions with minimum education requirement equals to
bachelor’s degrees or master’s but still accepts bachelor’s. Resumes are restricted to those
with only bachelor’s degrees. Standard errors are clustered at subject-level and subject x
resume group-level respectively. *** p<0.01, ** p<0.05, * p<0.1

Table A.7: Main Regression, Bachelor’s Only
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(1) (2) (3) (4) (5)
VARIABLES Quality Score Prob Accept Prob Accept Interview Interview

(z-score) (z-score) (z-score) (10 choose 2) (10 choose 2)
Education: Master’s (Baseline: CHN Less Selective)

US Selective 0.32*** 0.18* 0.01 0.05 -0.03
(0.099) (0.097) (0.068) (0.042) (0.038)

CHN Selective 0.47*** 0.23** -0.03 0.15*** 0.01
(0.092) (0.100) (0.072) (0.043) (0.037)

US Less Selective 0.23*** 0.16** 0.04 0.03 -0.03
(0.069) (0.076) (0.058) (0.038) (0.033)

Education: Bachelor’s (Baseline: CHN Less Selective)
Selective Bachelor’s 0.36*** 0.07 -0.12 0.12*** 0.05

(0.074) (0.089) (0.076) (0.032) (0.028)
Other Resume Items

High Intern Quantity 0.11** 0.04 -0.02 0.01 -0.00
(0.041) (0.057) (0.049) (0.030) (0.028)

High Intern Quality 0.12** 0.13** 0.07 0.01 -0.01
(0.049) (0.050) (0.046) (0.030) (0.026)

Female -0.13* -0.07 -0.00 -0.08*** -0.04*
(0.069) (0.066) (0.053) (0.029) (0.024)

Fake U.S. School 0.35** 0.26* 0.07 -0.04 -0.15**
(0.136) (0.139) (0.119) (0.076) (0.069)

CFA Certificate 0.27*** 0.20* 0.05 -0.01 -0.07
(0.091) (0.104) (0.083) (0.059) (0.050)

Low English Skill 0.04 0.02 -0.00 -0.03 -0.04
(0.098) (0.102) (0.098) (0.063) (0.057)

Low Quality U.S. Internship 0.19* 0.15 0.05 0.15* 0.07
(0.113) (0.153) (0.127) (0.088) (0.071)

High Quality U.S. Internship -0.05 -0.02 0.01 -0.03 -0.02
(0.134) (0.151) (0.123) (0.076) (0.066)

Australia Selective 0.38** 0.20 -0.01 0.09 -0.02
(0.185) (0.168) (0.120) (0.096) (0.077)

Australia Less Selective 0.09 0.25 0.20 0.03 -0.04
(0.198) (0.202) (0.173) (0.090) (0.059)

Quality Score 0.55*** 0.22***
(z-score) (0.070) (0.019)
Probability Accept 0.08***
(z-score) (0.018)
Observations 1,666 1,666 1,666 1,401 1,401
R-squared 0.109 0.017 0.250 0.054 0.307
Note: Sample restricted resumes with master’s degrees. Standard errors are clustered at subject-level
and subject x resume group-level respectively. *** p<0.01, ** p<0.05, * p<0.1

Table A.8: Main Regression, Master’s Only
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Familiarity/Rank Avg N Avg N
More Selective Schools Less Selective Schools

University of Sydney 3.44 9 U. of Tech. Sydney 3.25 4
University of Queensland 3.11 9 Macquarie University 3.25 8
Australian National U. 2.83 6 Queensland U. of Tech. 2.83 6
Monash University 2.5 4 University of Wollongong 2.17 6

University of Adelaide 2 4
La Trobe University 1.75 4

Note: The table shows the average and observation number of the familiarity rankings
(1=“Never Heard of”, 2 = “Heard of”, 3 =“Some Info”, and 4=“Very Familiar”).
For each subgroup (more selective and less selective), we order the schools from
the most familiar to the least familiar ones.

Table A.9: Australian Institutions Familiarity Ratings
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B Appendix: Connections between pilot study and current

study

One puzzling result in our pilot study is that the fake school we used actually received
significantly higher callback than the less selective real U.S. master’s. In this resume-rating
study, we find that resumes’ quality ratings and interview probabilities depend both on
the schools’ selectivity and the recruiters’ familiarity with the schools. The more familiar
the recruiters are with the less selective U.S. schools, the lower they rate these schools
compared to the ones that they are unfamiliar with. Therefore, the puzzling result in
our pilot study could be caused by unfamiliarity with the fake school combined with the
perceived negative information on the less selective U.S. school.

In the pilot study, we also find that for male applicants, master’s degrees overall tend
to receive lower callback than undergrad degrees when the vacancies have lower degree
requirement (less than bachelor’s). Chinese and U.S. master’s mostly have insignificant
callback differences for these vacancies. This is also true for more- and less-selective
master’s. The pattern is generally consistent with an over-qualification story, where
employers with lower degree requirements might have concerns that master’s degree
holders will not accept their job offers. However, the pattern could also be caused by
employer’s preference. In the resume-rating study, we can directly look at whether the
employers think the applicants will accept the job offers. Restricting the positions to
requiring only bachelor’s degrees, 29 we find that employers believe that the master’s
degree holders are less likely to accept the job offers compared to the bachelor’s graduates.
What is more, even though they think some master’s resumes have higher quality, they
are not more likely to interview these candidates (than bachelor’s degree holders). These
results suggest that in the over-qualification scenario, employer’s preference play a smaller
role than the likelihood the applicants will accept the job offer in determining the interview
or callback decisions.

Similarly, due to the limited amount of resumes we could send to each vacancy, we
were not able to look at within-subject gender differences. In the resume-rating study, we
can examine gender interactions within subject. We discuss the gender-related findings in
the paper.

29Due to the nature of the college on-campus recruitment, we do not have many positions that require less
than college education to directly compare with the online audit study results.
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C Appendix: Resume Construction

Each survey we create contains 50 constructed resumes. We create the resume item
pools based on the real resumes we collected from a large online recruiting website. We
restricted the real resume search to graduates from finance master’s or bachelor’s with the
schools that match with the ones we use in our survey. Drawing upon the item pools, we
then generate each survey based on the experimental design.

Names and Photos. We cannot observe the full names of the applicants from the
resumes we obtained through the recruiting website due to privacy policies. To create real-
istic names that fit the conventions for our intended generation, we draw some names from
a university’s current class enrollment roster. We separate the last names and first names.
After reading through the first names, we keep the common and relatively more gender
specific ones. We also remove the uncommon last names. Subsequently, we randomly
combine the last and first names to form the full names in our sample. We proofread each
name to make sure that they sound normal, generic, and gender-specific.

Based on the real resumes we collected and the conversations with recent graduates, we
learned that having photos on resumes is a very common practice. Therefore, we decide
to include a blurred photo on each resume to make them look more realistic. This also
makes the gender signal more salient. We collected resume photos online and blurred
them. Because Maurer-Fazio and Lei (2015) has found facial attractiveness affects callback
in China, we make sure to blur the photos enough so that it is impossible to tell any
distinctive facial features, but the gender of the applicant is still somewhat obvious from
the hairstyle shape.30

Master’s Institutions. To choose U.S. master’s institutions, we first use IPEDS to find
the schools with the largest numbers of international graduates in the finance discipline.
Next, we check the number of resumes with each program (matching school and major)
we could find on the job recruiting website. We also restrict the resumes to the ones with
Chinese undergraduate degrees. We then pick the programs with the most such resumes
available in the discipline. These procedures are used to ensure that the master’s programs
we choose are the most relevant for the group of the students we are interested in (i.e.,
Chinese students with U.S. master’s degree and Chinese bachelor’s degree) and the job
search environment of our study.

One caveat for this method is that we can only see resumes that are public (which is
the default of the website when users first create their resumes). But if a user chooses
to make her resume private, we will not be able to see her resume. This may bias our
sampling if graduates from different programs have different tendencies to make their
resumes private.

We then divide the schools into selective and less-selective categories based on U.S.
News 2019 college ranking.

Selective schools in our sample include New York University, Johns Hopkins University,
University of Rochester, University of Illinois Urbana-Champaign, University of California

30For a sample resume, please see Figure 4.
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San Diego, Washington University In Saint Louis, Boston University, Boston College, and
Case Western Reserve University.

Less-selective schools include Pace University, University of South Florida, University
of Texas at Dallas, University of Denver, Illinois Institute of Technology, Clark University,
Drexel University, Syracuse University, and Hofstra University.

For master’s in Shanghai, we make sure that they have master’s degree in finance
and divide them into two groups according to whether they are 985 universities and their
master’s admissions score as well as Shanghai undergraduates’ average GaoKao (college
entrance examination) score in economics-related fields.31

Selective Chinese master’s include four 985 universities and two non-985 universi-
ties: Shanghai Jiaotong University, Fudan University, Shanghai University of Finance and
Economics, Tongji University, East China Normal Universit, and Shanghai International
Studies University.

Less selective Chinese master’s include: Shanghai University, Shanghai University of
International Business and Economics, Shanghai Normal University, University of Shang-
hai for Science and Technology, Donghua University, East China University of Political
Science and Law, East China University of Science and Technology, and Shanghai Academy
of Social Sciences.

All the master’s degrees have the identical field in finance. We adjust the years in
school according to the actual program lengths.

In our additional treatments, we add two fake U.S. schools (Newark University and
Merton University) to see how recruiters rate these resumes and how that relates to their
familiarity with the schools.

Internships. We pick common-type internship experience from the real resume sam-
ples. We restrict the internships that they must be done before graduation, since our
constructed resumes have no after-graduation work experience. Furthermore, we only
select firms in Shanghai to reduce noise that could potentially come from HuKou con-
cerns.32 From there, we categorize the selected internships into low and high types. The
low type experience typically involves tasks such as collecting data and news, running
chores, taking meeting notes, and assisting with others’ projects. The high type involves
tasks such as analyzing data, writing independent reports, or other tasks that require
higher skill level. The research assistants independently rank the experiences, and we
keep the ones that have unanimous ranking. Then we rewrite the descriptions of the
selected internships to ensure consistency in tones.33 Each internship includes a position,
a starting and ending time (year/month), and working contents in bullet points.

For resumes with only bachelor’s degree, we assign one internship for the low intern-
ship quantity condition and two internships for the high quantity condition. For resumes

31985 Colleges: They include 39 most prestigious colleges in China. These colleges are widely recognized
by general population and employers as the best sets of colleges in the country.

32We also select a few foreign company internship for our extra foreign work experience condition.
33Our codes also made the punctuation marks vary across resumes but consistent within each resume.
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with master’s degrees, we assign two and three internships respectively.
Low internship quality condition refers to resumes’ having all low quality internships,

and high internship quality condition changes the most recent internship to a high quality
one.

Skills and Certificates. We pull each pair of skill and certificate from the same real
resume, and then modify them to reduce noise.

For English ability, the vast majority of the real resumes have skills and certificates that
signal good English skills. These include College English Test Level 6 (CET6) scores for
Chinese graduates, and TOEFL/IELTS/GMAT scores for oversea graduates. Therefore, we
remove a few skill-certificate pairs that do not signal high English skills and keep the ones
that list ”English: proficient” or ”English: extremely proficient” in the skill section. We
then assign each remaining pair that do not state their specific test scores with a random
good score. Although recruiters may still perceive different language skill levels between
domestic and foreign graduates, this allows us to reduce the variation and focus more
on testing the effect of obtaining foreign degrees beyond language skills. We also add
an additional treatment that uses low English skill signal to test whether language skill
matters.

In terms of non-language skills and certificates, we delete the pairs that have prestigious
certificates such as Chartered Financial Analyst (CFA) and Certified Public Accountant
(CPA) due to their rarity. The remaining most common skills in our sample are: English,
Microsoft (Excel, Word, Powerpoint, etc.), and programming languages (Matlab, R, SAS,
SPSS, etc.). Common certificates are: English-language certificates, Certification of China
Banking Professional, Certificate of Accounting Professional, the Securities Qualification
Certificate, and National Computer Rank Examination (NCRE). In our additional treat-
ment, we use skill-certificate pairs that contain CFA certificates to test its effect.

D Appendix: Additional Variations

We have two additional resumes variations in each survey:
(5) Family Socioeconomic Status and Work Ethic: Obtaining a master’s degree in the U.S.

costs significantly more than in China. As a result, the employers may infer that the U.S.
graduate have higher family socioeconomic on average. To see whether this affects our
results, we include a treatment where the applicant writes a short paragraph about them-
selves. To signal high economic status, we include either tennis and skiing, or traveling to
foreign countries as hobbies in the self-description. We assign this resume with a Chinese
non-selective master’s, low internship quality and quantity. We also include a placebo
with a very generic self-description.

Work ethic and the willingness to work overtime can also be an important quality
the Chinese employers look for (Peng (2020)). Recruiters might be concerned that U.S.
graduates have different expectations for working overtime. Therefore, we signal work
ethic by including self-description that claims the applicant can “effectively deal with
stress and work overtime”, or is “able to work hard and adapt to overtime”. We assign this
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treatment to one resume with less-selective U.S. degree, and low internship quality and
quantity.

(6) Australian Master’s: After the first wave of surveys, we find that only having a
few resumes with additional self-description creates strange results for those resumes.
Additionally, it is rare for real resumes to have selective Shanghai master’s while signaling
low English skill. Therefore, we decide to change these treatments to test the effect of
having Australian master’s.

Australia is one of the largest destination country for Chinese students (OECD iLibrary).
We are curious to find out how the employers perceive the graduates and how familiar
they are with the schools.

For the Australia schools in our sample, the selective ones include the University of
Queensland, Monash University, the Australian National University, the University of
Sydney, and the University of Melbourne.

The less selective universities include the Queensland University of Technology, Uni-
versity of Technology Sydney, La Trobe University, Macquarie University, University of
Wollongong, and University of Adelaide.

We use the same type of internship experience (low quality and quantity) for these
four additional resumes. We vary the Australia master’s selectivity and the gender of the
applicant.
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