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Abstract

We argue for volunteer subjects as a valid source of research subjects in the social sciences
and describe the ability to create permanent panels of these subjects, with desirable properties, using online crowdsourcing platforms. We build on Amazon’s Mechanical Turk and
other online crowdsourcing survey tools by extending the innovation of these platforms to
volunteer subjects. Volunteer social science laboratories impose little or no financial costs
on researchers and, by relying on intrinsically motivated volunteers, may even avoid some of
the challenges associated with paid crowd-sourcing. We discuss the merits and limitations
of volunteer subject pools in the context of our experience with one of the first of these
labs, the Harvard Digital Lab for the Social Sciences (DLABSS). To test the validity of
online volunteer subject pools, we replicate several classic and recent experimental studies
and compare the results to replications on other subject pools. Our results suggest that
volunteer subject pools can provide high quality data for a diverse range of social science
research. We encourage other researchers and institutions to coordinate in creating multiple,
integrated volunteer laboratories that will make the gains from these labs widely accessible
to social scientists.
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Introduction

Social Science human subjects research has undergone a major transformation in the
last decade. Enabled by the Internet, large web-based samples of paid subjects, including
nationally-representative surveys, now dominate human subjects research. And, of course,
as social science experiments have grown in popularity and influence (Davis and Holt 1993,
Druckman et al. 2006; 2011, Falk and Heckman 2009), low-cost convenience samples, such
as Amazon’s Mechanical Turk (MTurk), have proliferated across psychology, economics,
political science, and other social science disciplines (Buhrmester, Kwang and Gosling 2011,
Horton, Rand and Zeckhauser 2011, Berinsky, Huber and Lenz 2012, Paolacci, Chandler and
Ipeirotis 2010, Mason and Suri 2012, Santoso, Stein and Stevenson 2016).
These platforms have dramatically lowered the costs, both material and opportunity,
of obtaining subjects, allowing for large samples to be recruited rapidly and inexpensively
(Mullinix et al. 2015). Subjects drawn from these platforms have also been shown to behave largely similarly to nationally representative samples and convenience samples drawn
offline, such as students (Berinsky, Huber and Lenz 2012, Clifford, Jewell and Waggoner
2015). Furthermore, crowdsourced subjects are generally more demographically diverse and
representative than traditional convenience samples, including those from the Internet and
U.S. college students (Buhrmester, Kwang and Gosling 2011, Huff and Tingley 2015). In
addition, they are often comparable to national probability samples (Berinsky, Huber and
Lenz 2012). Any observer of human subjects research in social science likely recognizes the
dramatic shift in research that these samples have enabled. Yet, despite this shift, a crucial
aspect of research remains unchanged from the traditional in-person laboratory or face-toface survey: subjects are extrinsically rewarded for participation, usually by money, gift, or
course credit.
But is material compensation the only way to attract high-quality subjects? In this
manuscript we present the case for an underutilized type of research subject, also enabled by
the ability to collect inexpensive, large, and diverse subject populations online: the volunteer.
We introduce the concept of an online volunteer laboratory and show that a researcher
using volunteer subjects can obtain similar experimental results to those obtained from paid
representative and convenience samples. Moreover, we argue that volunteer subjects may
have properties that make them superior to paid subjects, such as greater attention and less
incentive to misrepresent themselves. We also argue that the ability to set up permanent
online pools for volunteers means that a large number of subjects can be obtained at little
cost to the researcher. Furthermore, because “digital lab” researchers recruit and maintain
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their own sample, these labs provide control and flexibility not found on other platforms and
the labs can become a public good, supporting a broad research agenda.1
We illustrate these points by introducing a volunteer lab designed to meet the needs
of a broad community of researchers, in a similar manner to a traditional offline shared
laboratory: the Harvard Digital Lab for the Social Sciences (DLABSS).2 In introducing our
lab, we address several important questions: How do online volunteer labs recruit subjects?
How much and what type of research can these labs support? What are the associated costs
of creating and operating a volunteer lab? How do lab subjects compare to samples from
other commonly used subject pools? Are volunteer digital labs able to replicate research
findings from more traditional platforms, and do they outperform other platforms on certain
metrics?
The remainder of this paper is organized as follows. First, we discuss the potential
limitations and advantages of volunteer labs for social science. Second, we introduce DLABSS
and, in doing so, outline several specific potential advantages of volunteer labs. Third, we
test the validity of DLABSS as a social science research tool. We do this by comparing the
subject properties of DLABSS with well known online and offline survey pools. We also use
volunteer respondents to replicate classic and recent social science experiments on DLABSS.
Finally, we summarize our findings and offer concluding thoughts on how institutions and
researchers can benefit from digital volunteer social science labs. We ultimately argue that
volunteer labs are a highly valuable, underexploited resource for experimental social science.
Volunteer labs can build on the innovation of MTurk and other online crowdsourcing survey
tools by further lowering the barriers to high quality research subjects.

2

Advantages and Disadvantages of Volunteer Research
Subjects

We distinguish between volunteer and non-volunteer research subjects. Volunteer subjects are motivated by intrinsic rewards for participating in research, including psychological
benefits from helping others, a sense of duty, or a way to pass the time. Non-volunteer
subjects are motivated by extrinsic rewards, such as financial or other non-token material
1

We interchangeably use terms such as “digital lab,” “volunteer digital social science laboratory,” “volunteer digital lab,” and “volunteer online lab.”
2
http://dlabss.harvard.edu/
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compensation, or class credit.3 Some compensation is so small, that the subjects are veritably volunteers,4 and, for our purposes, we consider such subjects to be volunteers. If subjects
do not know they are participating in research, as is the case in some field experiments and
other forms of research, these subjects are not included in these definitions and are outside
the scope of this article.
Although volunteer subjects were once fairly common in quantitative social science,5
outside of some small scale surveys, volunteer subjects now only rarely appear in published
quantitative studies.6 While the use of volunteers in past published research shows that
people will willingly take part in scientific research simply for the intrinsic rewards, paying
subjects allows researchers to collect samples quickly and to maintain stable subject pools,
such as those found in campus laboratories or on standing online panels. The number of
people willing volunteer for research or the frequency with which the average person will
volunteer may be limited, thus making it difficult to use volunteers to do the large N studies
that characterize modern survey and much experimental research. While scholars have been
able to obtain large samples by providing non-material rewards to their subjects, such as
the opportunity to learn something about their own psychology,7 improving or testing their
cognitive function,8 or being entertained by games, we are among the first to show that a
large number of subjects can be obtained, easily and consistently, purely by the intrinsic
rewards of volunteering for science.
Furthermore, while any sample of subjects may be atypical or non-representative in
consequential ways and the properties of research populations from low-wage markets, like
Mturk, are occasionally criticized (e.g., Stewart et al. (2015)), volunteer subjects may be
acutely unrepresentative in ways that raise serious concerns about external validity. They
may be more motivated by academic interest or intellectual stimulation than the general
public (Rosenthal and Rosnow 1975, Kagel, Battalio and Walker 1979), leading to unknown
issues in responses. More generally, in the same way that college students are argued to have
a properties that are atypical of the general population, leading to a biased view of human
nature, “good subject” affects, and other issues of non-representativeness (Sears 1986, Jones
3

Outside of social science, for example in medical research, subjects are often referred to as “volunteers,”
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For example, Klar and Krupnikov (2016) rewarded subjects with stickers.
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See, for example, the discussion of psychology studies in Rosnow and Rosenthal (1997).
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2010), we might worry that people who will voluntarily give up their time (and repeatedly,
as we show below) are so unusual that results based on volunteers should be viewed with
extreme skepticism.
On the other hand, their is reason to believe there are advantages to using volunteer
subjects. Of course, volunteer subjects lower the cost to researchers, but, moreover, when
the primary motivation of subjects is financial and the primary motivation of researchers
is high quality data, the incentives of researchers and subjects may not be aligned. In
some cases, for example when subjects are working for an hourly rate as a major source of
income (see Williamson (2016)) and, therefore, have an incentive to rush through studies,
this mismatch between incentives may be large. Indeed, Mason and Watts (2010) found a
negative relationship between the level of financial compensation and performance on MTurk:
while larger financial incentives increase the quantity of respondents, quality decreases.
Because they rely on the intrinsic, rather than extrinsic motivation of subjects, volunteer
samples may be less vulnerable to these problems. Social scientists have long recognized that
extrinsic and intrinsic motivations can be at odds. The Motivation Crowding Effect posits
that the introduction of non-zero financial awards for doing something crowds out intrinsic
motivation and can actually decrease efficiency. Perhaps the most well known example of this
is the argument that paying for blood reduces peoples’ incentive to donate it (Titmuss 1970)
and more recent surveys of social science literature find strong evidence, across a number
of fields, for the tradeoff between financial compensation and intrinsic motivation (Frey and
Jegen 2001). As such, we might worry that paying subjects for participating in research
actually reduces the quality of responses we would receive from the same subjects if they
were volunteers. For example, in one 1978 study testing for differences between paid and
volunteer subjects, volunteer respondents committed fewer errors on a selection attention
task (Rush, Phillips and Panek 1978).
In summary, there are at least two primary concerns with research using volunteer subjects: the ability to adequately and consistently collect large samples and the potentially
unrepresentative nature of the subjects. Conversely, there are at least two potential advantages over paid subjects: the ability collect data at much lower costs than paid labs,
and the possibility of obtaining data that is more high quality on certain dimensions. In
the remainder of this manuscript, we put these competing propositions to the test. As we
explain below, the power of the Internet has largely rendered concerns about the ability
to gather adequately large samples moot and has also brought other advantages, including
the ability to quickly gather diverse samples of volunteers and to maintain panels of these
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subjects. Second, by replicating both canonical and recent scholarship in social science, we
demonstrate that, not only does the behavior of volunteer subjects largely mirror that of
paid subjects, but the demographics of these subjects can be largely representative of the
general population on observable characteristics. Finally, we show that volunteer subject
responses are arguably of higher quality than paid subjects for certain tests.

3

DLABSS: An Online Volunteer Laboratory

When volunteers subjects are recruited online and brought into a permanent subject pool,
the very properties that make paid online samples attractive—speed and cost effectiveness—
are also available with volunteer subjects. In addition, some of the pitfalls of research with
paid low-wage markets can potentially be avoided or mitigated.
A volunteer digital lab is a platform to host studies that can be completed on the World
Wide Web. Subjects are unpaid volunteers who are recruited using a variety of online
sources. If contact information, such as an email address, is collected, subjects can enter
a standing subject pool and be called on to participate whenever a study is hosted on the
lab. This feature can allow for repeated testing of the same subjects in a panel study. To
be a laboratory, rather than a specific data collection tool, this platform should be modular
and adaptable to a range of research projects, in the same way that a traditional offline
psychology or economics laboratory can be used for diverse research agendas.
In July 2014 we launched DLABSS with the objective of attracting volunteer subjects
to take part in online social science research at Harvard. DLABSS was created with the
principle that volunteer online subjects should be a public good to researchers with diverse
substantive interests.9 Online laboratories for social science research are not new. Over
the years many researchers have built websites that rely on volunteer subjects, such as
Project Implicit (see Banaji and Greenwald (2013)). These volunteer-based projects have
been successful in recruiting large numbers (in some cases, millions) of subjects through a
robust web presence and well-known research agendas. However, these platforms are often
confined to a certain research programs and therefore are not usable for a broad set of
researchers. Additionally, these sites have taken considerable time and resources to build
their web presence—recreating this presence for each individual research agenda would be
extremely inefficient. DLABSS aims to make the use of volunteer subjects virtually costless
9

There are other examples of volunteer digital labs. For example, a consortium of researchers have
developed Volunteer Science (https://volunteerscience.com/). See Radford et al. (2016), Pilny et al.
(2016).
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to individual researchers. Harvard faculty, graduate and undergraduate students conducting
social science research have equal access to the lab. While DLABSS is currently limited to
Harvard researchers, there is no reason that other digital laboratories could not be used for
a community of researchers across institutions.
DLABSS is staffed part-time by several researchers, including a faculty member and
graduate and undergraduate students. The basic structure is a website that serves as a
clearinghouse for experimental and other survey-based social science studies. The research
instruments are not directly hosted on DLABSS, rather staff curate links to the instruments
along with basic descriptions on the website. This simple structure allows researchers to
host their instruments on any other convenient platform, such as Qualtrics or an application
built specifically for the research. The web design is simple. It has a clean, attractive web
interface, which includes information on currently active experiments, researcher profiles,
the DLABSS blog, and frequently asked question (FAQ)’s. Using Qualtrics, the lab collects
basic demographic and attitudinal data on all subjects in the lab.
This simple, modular structure of the lab allows researchers to collect response data
for virtually any type of social science research question that can be studied online. Since
its inception, DLABSS has hosted over 70 social science studies, 41 of which were still
actively collecting subjects as of April 2017: 35% of these were faculty projects, 60% were
graduate students, and 5% were undergraduate students. Prior to beginning operation,
DLABSS secured approval from our Institutional Review Board to recruit subjects and
collect demographic data. Researchers using the lab secure human subjects approval for
their individual studies. The use of deception in studies is left to the discretion of the
researcher, making the lab usable by a wide variety of disciplines and, as such, studies have
come from business, economics, sociology, political science, public policy, psychology, and
other disciplines. Studies have included a range of target audiences, from undergraduate
thesis projects to work intended for publication in scholarly outlets. As we explain below,
many studies on DLABSS have subsequently been replicated on MTurk or other populations,
and the results from the different platforms published together as complements or robustness
checks.
The length of studies on DLABSS is largely similar to those found on MTurk, with most
taking under 10 minutes, but the lab has successfully hosted studies of almost 20 minutes
in length (see Figure 2)—a length that also highlights the advantages of volunteer subject
pools because for many researchers, a study of that length would be prohibitively expensive
survey on MTurk. Furthermore, as we describe below, studies on DLABSS have successfully
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included complex interactions with the subjects, such as follow-up phone call surveys.
As of April 2017, the active DLABSS volunteer pool includes over 8,800 subjects. This
means that since its inception, DLABSS has attracted about 9.0 new subjects per day.
Notably, these descriptive figures include weekends and summer and other academic holidays,
and subject recruitment is significantly higher during the periods of the academic calendar
where DLABSS staff are working.10
DLABSS staff email a fraction of the active subject pool each week to invite them to
participate in the latest studies, and specific studies are often used to recruit new subjects
to the lab’s pool. As such, subjects for a given study usually consist of two types: 1)
new subjects that enter an experiment after being recruited from the web and 2) subjects
from our existing subject pool who enter an experiment after being directly solicited by
email. Subjects are emailed biweekly on average. These email solicitations can allow a
researcher to shape her subject pool, if desired, by targeting certain populations based on
known demographics. In this manner, DLABSS shares this targeting ability with other optin internet panels, but maintains the low-cost structure of crowd-sourced research. Once a
study becomes active on DLABSS, it can usually obtain over 600 responses within 2 weeks,
while sometimes exceeding 1,000 responses. As the lab’s subject pool continues to grow, so
does the typical number of responses.
DLABSS subjects can come from anywhere in the world with Internet access, although
88.9% are in the United States. Subjects are recruited using a variety of methods, including
organic web search, paid search, social media, and email. Thus far, Craigslist, Reddit, social
media, and targeted ad campaigns on email newsletters for specific demographic groups have
been the most successful ways to recruit new subjects. Recruitment usually appeals to the
subjects’ interest in the substance of the study or their desire to help scientific research. The
ability to target certain groups has allowed DLABSS to maintain a balanced subject pool.
For example, when we noted that our subject pool was younger than the general population,
we placed an advertisement on a bulletin for retired people and, in order to achieve ideological
balance, we targeted conservative organizations. Using Craigslist we place advertisements
in a wide range of communities to seek demographic, geographic, and ideological balance.
Figures 1 illustrate how the ability to reach subjects via the internet and to target certain
populations can lead to a geographically diverse subject pool. For example, within the
United States, the DLABSS community has participants from all 50 states and the District
10

A figure illustrating growth and other information on DLABSS can be found at the DLABSS website:
http://dlabss.harvard.edu/.
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Figure 1: Geographic Distribution of DLABSS Volunteer Subjects in US

A total of 7,760 points are plotted on this map, each one representing a single DLABSS participant.

of Columbia, and a total of 1,929 cities and towns across the country are represented (we
display the world-wide distribution in Figure A1 in the Appendix).

4

Potential Benefits of Digital Volunteer Labs

While other low-cost platforms have obviously been a tremendous boon to human subjects
research, volunteer digital labs may have advantages that make them attractive complements
or substitutes, not only for MTurk, but also for other subject pools.
Financial: Other than the cost of hosting a website and recruiting subjects, which can
be minimal and shared, volunteer digital labs impose no monetary costs on researchers.
Because volunteers enter a subject pool and often take part in many studies over time, the
costs associated with a single subject are only incurred once. The savings from this model
can be substantial. As a benchmark, if a researcher uses MTurk to recruit 1,000 subjects
at the Federal minimum wage of $7.25 per hour for a 10 minute study, the resulting cost
would be over $1,200 for subjects alone, in addition to at least a 40 percent surcharge by
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Amazon.com.11 The resulting total cost is non-trivial for many social scientists, especially
compared to the costs of studies on volunteer labs. For example, for a study we report
later un this manuscript, we spent $840 to administer a very simple 10-minute experiment
on MTurk with 800 respondents. We conducted an identical study on DLABSS with a
marginal cost of $0.
On DLABSS, across all studies, we have collected a total of 41,305 responses as of April
2017. In that time period, our costs associated with subject recruitment have been less than
$10,000, resulting in a cost of less than $0.25 per response.12 The average length of surveys
on DLABSS was 7.79 minutes. The recruitment of an equivalent number of subjects for
this length of survey on MTurk, assuming minimum wage payments, would exceed $40,000.
Notably, nearly all of the costs associated with DLABSS subject recruitment have been in
wages paid to student research assistants, so a researcher able to compensate students with
course credit or other means could lower costs to virtually nothing. Additionally, overtime
the use of our lab has spread around the university, resulting in an increasing number of
studies being fielded, so that the cost per response continues to fall.
From an institutional perspective, the moderate cost of the public good of a digital lab
can represent substantial savings. Using the costs of an MTurk survey estimated above, if
researchers at a single institution conducted 100 studies on MTurk per year (a number that
seems like a realistic minimum in an institution with 100 human subjects researchers), then
the total institutional cost of MTurk will be over $100,000 per year. And of course, MTurk,
to it’s credit, has dramatically lowered costs compared to other platforms commonly used
for survey research, such as SSI and YouGov, so the savings realized by a volunteer lab can
be even more dramatic when compared to other sources of human subjects.
Subject and Researcher Accessibility: In addition to financial accessibility, volunteer
labs also help increase accessibility for citizens as well as social scientists. From the perspective of potential volunteers, there are very few barriers to entry into volunteer social science
labs. As such, individuals throughout the world can join a digital social science research
community, possibly extending participation and voice in social science to a wider range of
11

The 40% figure is based on the baseline MTurk fee of 20% plus an additional 20% for tasks with more
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respondents per study on MTurk and paid them just over $4 each.
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These numbers are imprecise because much of this cost goes toward wages for staff with multiple duties.
Notably, as an early adopter in this space, our startup costs, including costs associated with research, will
likely be higher than subsequent similar labs.
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communities. In the case of DLABSS, a volunteer must be 18 years old and possess a valid
email address. For the researcher, in addition to the lowered barriers to entry provided by
monetary savings, the modular nature of the laboratory means it is easily accessible to a
range of research programs and researchers do not face the sometimes considerable barrier of
setting up a platform specific for a single project. As social science has moved toward “larger
scale, collaborative, interdisciplinary” research (King 2014), this modularity is increasingly
valuable.
Stable Unit Treatment Value Assumption and other subject to subject interference: In prominent theories of causal inference, the Stable Unit Treatment Value Assumption (SUTVA) is a critical assumption for valid inference, stating that an individual’s potential outcomes depend only on her own treatment assignment (Rubin 1974). Crowdsourced
markets where communication cannot be controlled by the researcher raise the potential
for violations of this assumption. For example, MTurk workers can digitally interface on
MTurk Forum,13 Mturkgrind,14 and MTurk Crowd,15 , and often do so.16 On these forums,
MTurk workers who have completed studies commonly comment on the content of studies,
thereby potentially influencing the behavior of other subjects before the subjects have enrolled and been assigned to treatment.17 These platforms also raise related concerns about
subject crosstalk biases (Edlund et al. 2009) caused by inter-subject interactions (Paolacci,
Chandler and Ipeirotis 2010).
In contrast, the potential for violations of SUTVA may be reduced in volunteer labs
because subject interactions via online discussion forums are less likely, simply because such
fora do not exist and, perhaps more importantly, individual volunteers have little incentive
to create such platforms given that they select into the lab for non-financial reasons.
Observation Uniqueness and Effective Sample Size: A common concern of online
labor markets is that biases will result from subjects participating multiple times or in multiple related experiments (Chandler, Mueller and Paolacci 2014). This concern is related to
similar critiques that the universe of social science MTurk research is plagued by surprisingly
13

http://mturkforum.com/
http://www.mturkgrind.com/
15
http://www.mturkcrowd.com/
16
As of December 2016, MTurk forum had over 58,000 members and 11,000 discussions. Hitsworthturking
for had over 35,000 members. MTurk Grind had over 12,000 members with nearly 30,000 discussions. MTurk
Crowd had nearly 3,000 visitors and over 1,000 discussions.
17
Indeed, in conducting the MTurk studies for this manuscript, we checked MTurk Forum, MTurk Crowd,
and HitsWorthTurkingFor and found postings about our studies.
14
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small effective sample sizes (Stewart et al. 2015). Of course, platforms use terms-of-use agreements, membership fees, or software requirements to deter subjects from creating multiple
accounts (Horton, Rand and Zeckhauser 2011). But these solutions, by imposing high costs
on the subjects, creates tension with these markets’ ability to provide cheap and diverse subjects to researchers and, for some subjects, the incentives for participation are high enough
that they may try to overcome such barriers dishonestly. Of course, because there is little
incentive to do so, problems of multiple accounts and repeat users should be potentially less
likely to occur with volunteer laboratories and as volunteer pools grow, then the problem of
a single small effective sample being shared by so many researchers is mitigated.
Attrition: In experimental research, attrition rates might be uneven and cause selection
bias if the nature of one or more treatment conditions causes subjects to drop out at higher
rates than the other. If, for example, treatment conditions unevenly increases survey time,
financially-motivated subjects may unevenly leave the survey across conditions. As such, as
others have pointed out, selective attrition appears to be an important issue that threatens
inferences made from MTurk studies (Zhou et al. 2016).
In contrast, because of the intrinsic motivations of subjects, in volunteer labs selective
attrition may be less severe. As illustrated in Figure 2, the mean and median attrition
rate for DLABSS studies is 20.9% and 17.3%, respectively (these numbers drop considerably
with surveys under 10 minutes in length). This represents an important improvement over
attrition in MTurk, where researchers have noted the potential for alarming attrition-induced
bias: in the study by Zhou et al. (2016) every replication of published studies from MTurk
had an attrition rate of greater than 20%.

5

Validity of Volunteer Labs as a Research Tool

This section describes the results of several assessments of the validity of a volunteer lab.
First, we compare basic subject properties across DLABSS and other well-known online and
offline survey resources: MTurk, the American National Election Studies (ANES), and the
U.S. Census Bureau’s Current Population Survey (CPS) (King et al. 2010). Our initial tests
build off Berinsky, Huber and Lenz (2012), which is often cited to justify the use of MTurk in
social science research. We do this because MTurk is an extremely common source of low-cost
convenience-samples in the social science and, therefore, the platform that volunteer digital
labs are most likely to complement or replace (see also Santoso, Stein and Stevenson (2016)).
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Figure 2: DLABSS Study Attrition Rates and Completion Times

Left figure is total attrition by study and right figure is mean time to complete by study for all studies hosted
by DLABSS.

We then use volunteer subjects from DLABSS to replicate several classic and contemporary
social science experiments. These include those replicated by Berinsky, Huber and Lenz
(2012): the well-known Asian Disease Problem (Tversky and Kahneman 1981), the framing
effect on welfare spending (Rasinski 1989), and a recent experiment on framing and risk (Kam
and Simas 2010). In addition, we replicate two prominent, recent experimental studies in
political science: one on the drivers of immigration attitudes (Hainmueller and Hiscox 2010),
and the other on the individual-level foundations of audience costs in international relations
(Tomz 2007). We also briefly discuss other studies that researchers have carried out on
DLABSS and replicated on other platforms. We then test our hypotheses that volunteer
subjects may be more attentive and deliver higher quality responses than paid subjects by
replicating part of a recent study on anxiety and immigration attitudes that draws heavily on
open-ended survey responses (Gadarian and Albertson 2014). Finally, we discuss examples
of “complex studies” successfully undertaken on DLABSS and which we believe might be
more difficult to undertake on a platform like MTurk.

5.1

Comparing Subjects on DLABSS and Other Subject Pools

Table 1 compares the demographics, political behavior, and political knowledge of DLABSS
respondents with a sample of MTurk participants from December 2016,18 the online 200809 American National Elections Study Panel Study (ANESP), the 2012 American National
18

Following Berinsky, Huber and Lenz (2012), our MTurk advertisement was for a “Survey of Public
Affairs and Values.”
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Elections Study (ANES), and the 2012 Current Population Survey (CPS), the latter two
often considered the gold-standard for nationally-representative face to face samples. The
latter four samples replicate the comparisons in Berinsky, Huber and Lenz (2012).
Broadly speaking, DLABSS respondents appear quite similar to those from both online
and offline survey platforms.19 On average, the DLABSS sample of respondents is demographically similar to MTurk, but with some important differences. For example, compared
to MTurk, DLABSS appears more representative of the general population in terms of age.
There are certain demographic characteristics that one might expect to be correlated with
the leisure time necessary for volunteering, such as education, income, and race. However,
we note that compared to MTurk, DLABSS participants are not substantially more educated, higher income, or likely to be white. And, compared to the nationally representative
samples, while DLABSS subjects tend to be more educated, they also tend to have lower
income.
Also in Table 1, we compare DLABSS to the other samples on common measures of ideology and political participation, sophistication, and knowledge. Although, like MTurk, the
DLABSS sample expresses a higher level of political interest than the nationally representative samples, this does not appear to translate into a sample with skewed political knowledge:
DLABSS more closely resembles the nationally representative surveys than does the MTurk
sample, demonstrating the added usefulness of DLABSS for political science studies, where
such variables are crucial to prominent theories in political behavior (e.g., Zaller (1992).
In Tables A1 and A2 in the Appendix, we complete the replication of Berinsky, Huber
and Lenz (2012) by comparing policy support of DLABSS respondents with those found
in the other four surveys and by comparing DLABSS demographics with small in-person
convenience samples. Results from DLABSS once again approximate these other samples in
a way similar to MTurk.

5.2

Using DLABSS to Replicate Existing Findings in the Social
Sciences

Having established that volunteer samples can look broadly similar to nationally representative and MTurk samples, we further test the properties of the DLABSS panel by
directly replicating a series of experiments and by describing other replications that have
19

The sample reported here is sometimes a subset of the entire volunteer population of DLABSS because,
while we collect demographics on all subjects, to a subset, we administered a questionnaire with the specific
demographic and knowledge questions necessary for this comparison.
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Table 1: Comparing DLABSS sample demographics to internet and face-to-face samples

Female
Education
(mean years)
Age (mean years)
Mean income
Median income
Race
White
Black
Hispanic
Marital Status
Married
Housing status
Own home
Religion
None
Protestant
Catholic
Region of the US
Northeast
Midwest
South
West
Party Identification
Democrat
Independent/Other
Republican
Ideology
Liberal
Conservative
Registration/turnout
Registered
Voted in 2008
Political Interest
Political Knowledge (% correct)
Presidential
succession after Vice President
House vote percentage
to override veto
Number of terms an
individual can be elected president
Length of a US
Senate term
Number of
Senators per state
Length of a US
House term
Average
N

DLABSS
55.6% (0.7)

Internet sample
MTurk
48.0% (1.9)

ANESP
57.6% (0.9)

Face-to-face samples
CPS 2012
ANES 2012
51.9% (0.2)
52.0% (0.1)

15.2 (0.0)

14.9 (0.1)

16.2 (0.1)

13.4 (0.0)

13.6 (0.1)

44.1 (0.2)
$49,174 ($565)
$37,500

37.8 (0.5)
$43,592 ($1,168)
$37,500

49.7 (0.3)
$69,043 ($749)
$67,500

46.7 (0.1)
$61,977 ($138)
$55,000

47.3 (0.4)
$63,199 ($1,274)
$32,500

74.7 (0.5)
6.4 (0.3)
7.8 (0.4)

78.3 (1.6)
8.4 (1.0)
7.7 (1.0)

83.0 (0.7)
8.9 (0.7)
5.0 (0.4)

79.5 (0.1)
12.2 (0.1)
15.0 (0.1)

74.5 (1.0)
12.2 (0.7)
10.9 (0.7)

42.5 (1.5)

42.7 (1.0)

56.8 (0.9)

53.8 (0.2)

53.2 (1.1)

51.8 (1.5)

49.5 (1.9)

80.8 (0.8)

71.5 (1.0)

43.9 (1.5)
20.0 (1.2)
16.8 (1.1)

40.0 (1.8)
25.4 (1.6)
20.4 (1.5)

13.1 (0.8)
38.7 (1.4)
22.9 (1.0)

21.3 (0.9)
33.3 (1.1)
22.7 (0.9)

21.1
21.9
31.8
25.2

21.5
25.4
38.2
14.9

16.9
28.3
31.4
23.4

(0.6)
(0.6)
(0.7)
(0.6)

(1.6)
(1.7)
(1.9)
(1.4)

(0.7)
(0.9)
(0.9)
(0.8)

46.9 (0.6)
29.6 (0.6)
23.5 (0.5)

44.3 (1.9)
30.1 (1.7)
22.8 (1.6)

59.1 (0.6)
34.4 (0.6)

62.6 (1.9)
37.4 (1.9)

89.3% (0.9)
80.1 (1.4)

91.6% (1.0)
73.8 (1.7)

92.0% (0.7)
89.8 (0.5)

3.84 (0.03)

3.62 (0.04)

2.71 (0.02)

67.7 (1.4)

60.3 (1.9)

65.2 (2.0)

75.8 (1.3)

87.9 (1.2)

73.6 (1.3)

89.4 (0.9)

97.4 (0.6)

92.8 (0.7)

51.8 (1.5)

62.5 (1.8)

37.5 (1.3)

78.5 (1.2)

83.2 (1.4)

73.2 (1.2)

51.3 (1.5)

49.3 (1.9)

38.9 (1.3)

69.1
909-6,280

73.5
673-705

63.5
2,727-3,003

18.2
21.6
37.0
23.2

(0.1)
(0.1)
(0.2)
(0.1)

71.2% (0.1)
61.8* (0.2)

18.2
22.6
37.2
22.1

(0.8)
(0.9)
(1.1)
(0.9)

72.8% (1.0)
70.2* (1.0)
3.34 (0.03)

92,311-102,011

2,004-2,054

Standard errors are in parentheses. N is a range because of differing missingness across survey questions. *
indicates turnout in 2012. Political interest is on a 5-point scale with 5 indicating high interest.
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been carried out on DLABSS. In many respects, this is the crucial test of volunteer labs
because convenience samples, such as MTurk and DLABSS, are overwhelmingly used for experimental tests, where the representativeness of the sample is usually a secondary concern
to internal validity. We summarize these replications in Table 2, describe the replications
below, and provide detailed results, where available, either in the manuscript or Appendix.
Using volunteers subjects, DLABSS has replicated, at least, 15 studies, six of which were
replications we conducted to test the properties of DLABSS. The replications had the same
approximate magnitude, directionality, and level of statistical significance as in the original study The fifteen studies include replications of studies using a range of other platforms,
including MTurk or more expensive samples, including General Social Survey (GSS), Knowledge Networks (KN), Qualtrics, and the Danish firm Epinion. These studies also cover classic
and more recent research and a variety of academic disciplines and substantive topics.
5.2.1

Replicating the Studies in Berinsky, Huber and Lenz (2012)

We begin by showing that all the same three experiments replicated by Berinsky, Huber
and Lenz (2012) were replicable on DLABSS.
First, Rasinski (1989) using data from the GSS found that framing policy choices dramatically changes stated individual preferences for the policies. Specifically, citizens are
much more likely to support redistribution when it is worded as “assistance to the poor”
compared to “welfare.” Our replication is in line with the original findings and previous
MTurk replications. All experiments show a significant difference between the “poor” and
“welfare” groups, with the poor group always more likely than the welfare group to suggest
that too little is being spent. The DLABSS replication poor group matched the original
experiment’s poor group exactly, while the DLABSS welfare group was higher than both of
the other platforms. It is, of course, possible that shifts in public opinion since the original
experiment may partially explain this difference. See Table A3 in the Appendix.
Second, we replicate the well-known Asian Disease Problem popularized by Tversky
and Kahneman (1981), who presented two different groups of undergraduate students with
the problem of a “rare Asian disease” threatening their country and suggest two possible
programs to deal with the disease. They find that respondents primed with a frame that
describes policy options in terms of losses (deaths), rather than gains (lives saved) are more
likely to choose probabilistic (rather than certain) outcomes. Across all platforms, people
in the positively framed group prefer the certain outcome to the probabilistic outcome, and
vice versa for the negatively framed group. The original experiment displays the strongest
15
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Risk acceptance
Support for government spending
Audience costs
Immigration attitudes
Policy acceptance
Information seeking
Perceptions of race
Racism scales
Perceptions of race
Voting outcomes
housing preferences
populism
survey bias
Audience costs
district compactness

Tversky and Kahneman (1981)
Rasinski (1989)
Tomz (2007)
Hainmueller and Hiscox (2010)
Kam and Simas (2010)
Gadarian and Albertson (2014)

Krosch et al. (2013)
Enos and Carney (2015)
Enos and Celaya (2015)
Mahler (2016)
Hankinson (2017)
Bonikowski and Zhang (2017)
Kaufman (2017)
Kaufman and Kim (2017)
Kaufman, King and Komisarchik (2017)

204
1,478
365
400
655
642
272
360
373

539
788
495
736
752
668

N

31
4,488
716
803
421
524
429
764
X
X
X
X
X

833
699
736

X*
X
X*
X
X
X

450
329

N

X
X

MTurk

1,035

2,000

Epinion
Qualtrics

708
733

307
1,470
1,127
1,601
752
384

N

Qualtrics
TESS

students
GSS
KN
KN
KN
KN

Other

Each of these studies was successfully replicated on DLABSS in that the replicated result had the same approximate magnitude, directionality,
and level of statistical significance as in the original study. Column 1 lists the name of the original study. The first six replications listed were
carried out by the authors to test the properties of DLABSS. The next nine were replicated by other authors in the course of research carried
out using DLABSS. For citations to the papers in which the replications appeared, see the text. Some replications and the original finding are
carried out in the same study, for example Enos and Carney (2015) did the same study on both DLABSS and MTurk. In several cases, the
original article contains more than one study and not all were attempted to be replicated. The “Other” column indicates the first sample, of
which we are aware, other than MTurk or DLABSS, on which the study was carried out and is not an exhaustive list of replications. So, for
example, Tversky and Kahneman (1981) was first studied using undergraduates, but has been replicated on many samples since then. The first
N column is the number of subjects on DLABSS, the second N is the number of subjects on MTurk, and the third N is the number of subjects
on different platforms, where applicable. A * next to the Xfor MTurk indicates that we carried out the MTurk replication ourselves, in all other
cases, it was carried out by other researchers.

Dependent Variable

Replicated Study

Table 2: Experimental social science replicated on DLABSS

difference in groups, while the online laboratories find smaller but equally significant effects.
See Table A4 in the Appendix.
Lastly, we look at the more recent experiment by Kam and Simas (2010), who use KN to
demonstrate that individuals’ risk acceptance affects their preferences for different policies.
Specifically, those who are willing to accept higher amounts of risk are more likely to support
probabilistic policy outcomes. The coefficient magnitudes and levels of significance are very
similar across platforms. See Table A5 in the Appendix.
5.2.2

Replicating Other Recent Prominent Studies

We further explore the ability of volunteer digital labs to be a useful research tool by
revisiting two recent political science experiments that have generated broad scholarly attention. These studies are far removed from basic psychological research and, rather, explore
complex sociopolitical attitudes.
First, we replicate Tomz (2007) well-known experiment on the microfoundations of audience costs in international relations. Tomz uses a survey panel from KN to demonstrate that
audience costs can be found in an experimental setting: citizens are more likely to disapprove
of their president when he or she makes an empty threat versus not making a threat at all.
We highlight this experiment to show the broad usefulness of volunteer subjects: first, the
experiment comes from the field of international relations, a field that, in our assessment,
has received less attention than others when discussing crowd-sourced samples; and, second,
the experiment is arguably more qualitatively complex than other the other experiments we
have presented. In particular, though we only present the core findings in line with Tomz
(2007), the number of varying factors in the experiement—such as the political nature of the
adversary, the military strength of the adversary, and the origins of the dispute—is greater
than in some of the other experiments we replicated. Table 3 present the core results of our
replication and shows that results from the DLABSS volunteer panel essentially mirror the
original results from Tomz (2007).
Second, we replicate Hainmueller and Hiscox (2010)’s experiment that challenges traditional political economy theories about preferences for and against immigration. Their
results, drawn from an experiment embedded in a KN sample, suggest that high-skilled
immigrants who will benefit the national economy as a whole are universally preferred by
citizens regardless of income status, education level and other covariates, lending support
to the idea of sociotropic preferences for immigration. For robustness, we replicated this
experiment on both DLABSS and a new MTurk sample. In Figure A2 in the Appendix we
17

18
10
(6 to 13)
5
(3 to 8)

5
(3 to 9)
10
(7 to 14)
12
(9 to 17)

27
(21 to 32)
30
(25 to 36)

21
(16 to 27)
11
(8 to 16)

14
(10 to 19)
13
(9 to 17)
12
(8 to 16)

14
(10 to 19)
15
(11 to 20)

-12
(-18 to -5)
-6
(-11 to -1)

-8
(-14 to -3)
-2
(-8 to 4)
0
(-5 to 7)

12
(6 to 20)
15
(8 to 23)

-9
(-17 to -2)

-3
(-12 to 5)

14
(6 to 22)

Summary of
differences
(%)

8
(5 to 10)
6
(4 to 9)

8
(6 to 11)
21
(17 to 24)
8
(6 to 11)

31
(27 to 35)
18
(14 to 21)

Public reaction
to empty threat
(%)

13
(11 to 16)
13
(10 to 16)

9
(7 to 11)
21
(18 to 24)
11
(9 to 14)

20
(17 to 23)
13
(10 to 16)

-6
(-9 to -2)
-7
(-10 to -3)

0
(-3 to 3)
0
(-5 to 4)
-3
(-6 to 0)

11
(6 to 17)
5
(0 to 9)

Tomz (2007 Table 1)
Public reaction
Difference
to staying out
in opinion
(%)
(%)

-12
(-17 to -8)

-4
(-9 to 2)

16
(10 to 22)

Summary of
differences
(%)

The table gives the percentage of respondents who expressed each opinion. Bayesian 95 percent credible intervals appear in parentheses.

Approve very strongly

Approve somewhat

Approve

Lean toward approving

Don’t lean either way

Lean toward disapproving

Neither

Disapprove somewhat

Disapprove very strongly

Disapprove

DLABSS Replication of Tomz (2007) Table 1
Public reaction
Public reaction
Difference
to empty threat
to staying out
in opinion
(%)
(%)
(%)

Table 3: Replication of Tomz (2007) in DLABSS

show that we replicate the key finding in Hainmueller and Hiscox (2010) on both DLABSS
and MTurk. As in the original study, respondents in DLABSS were far more supportive of
highly-skilled immigration than low-skilled immigration: over 60% of respondents supported
allowing more highly-skilled immigrants into the U.S., while only about 40% were supportive
of allowing in more low-skilled immigrants.
5.2.3

Other Replications on DLABSS

In addition to the above replications, which we performed to explicitly test the validity of volunteer digital labs, other researchers have used DLABSS to replicate many other
findings. We briefly mention these replications to provide a broader sense of what type of
research volunteer labs have been used to reproduce. We include studies based on our own
communications with DLABSS researchers. This may be an incomplete list.
Several studies hosted on DLABSS have explored racial politics. One study (Enos 2017),
using both DLABSS an Qualtrics ’ proprietary survey panel, replicated findings from prominent recent studies that, using small MTurk samples, found significant links between political
ideology and visual perceptions of race (Krosch et al. 2013, Krosch and Amodio 2014). Another study tested how spatial segregation affects perceptions of similarity in human faces
across DLABSS and MTurk (Enos and Celaya 2015). Several DLABSS studies also investigated the properties of Modern Racism Scales (Sears and Kinder 1971), finding similar
distributions of racial attitudes as those in the Cooperative Campaign Analysis Project
(CCAP) survey and replicating experimental results on the nationally representative Time
Sharing for Experimental Social Science (TESS) panel and MTurk (Enos and Carney 2015).
Another researcher used DLABSS to study populism. DLABSS and MTurk samples
produced similar results, while a Qualtrics panel, which was manipulated to be disproportionately conservative, produced larger effects (Bonikowski and Zhang 2017).
In the context of studying blocked randomization designs, a researcher studied a variant
of the Tomz (2007) study referenced above and replicated the results on MTurk and DLABSS
(Kaufman and Kim 2017). Another team crowdsourced perceptions of the compactness of
legislative districts on both MTurk and DLABSS with similar results between the two platforms (Kaufman, King and Komisarchik 2017). And researchers used MTurk and DLABSS
to validate a computational model of sentiment analysis of survey questions with similar
results across the platforms (Kaufman 2017).
In an intriguing finding on the effects of altruistic voting behavior on voting outcomes,
a researcher used a representative Danish sample from Epinion and replicated the result
19

on DLABSS with U.S. subjects (Mahler 2016). Finally, another researcher replicated a
survey experiment from MTurk on preferences for housing allocation based on the geographic
location of the housing (Hankinson 2017).

5.3

Testing Open-Ended Survey Response Quality between MTurk
and DLABSS

We now turn to demonstrating that volunteer samples not only can replicate findings
from non-volunteer samples, but that volunteer samples, due to the intrinsic motivation
of subjects, may sometimes have increased response quality relative to other experimental
platforms. To do this, we turn to open-ended survey responses and response time.
First, in the top panel of Table 4, we examine the response times of subjects on DLABSS
and MTurk to the political knowledge questions listed in Table 1. Across every question,
DLABSS respondents take more time before initially answering and before advancing to
the next question. All else equal, this may be evidence that DLABSS respondents are
more carefully considering their responses. This is some, very preliminary, evidence that
data collected from volunteer subjects, perhaps because they are not under pressure of
maximize their hourly wage, is less prone to certain types of measurement error. We note
too that this careful consideration by subjects does not appear to make volunteer subjects so
out of the ordinary that studies of short-term, heuristic, mental processing (see Kahneman
(2003)), which is central to many research agendas in psychology and other fields cannot
be undertaken: DLABSS successfully replicated the Tversky and Kahneman (1981) framing
experiment, the paradigmatic example of heuristic processing, as well as other experiments
relying on similar mental processing.
Another simple metric of response quality is the amount of effort expended answering
open-ended questions where subjects are not paid an hourly rate and therefore not incentivized to move quickly through a survey. On both MTurk and DLABSS, we partially replicated a recent political science finding that individuals primed with anxiety will seek and
assess information about immigration in different ways (Gadarian and Albertson 2014).20
MTurk respondents were paid $.75 to complete the study. We examined whether DLABSS
respondents wrote more or less than their paid MTurk counterparts. As the bottom panel
in Table 4 illustrates, across three of the four open-ended response questions included in
Gadarian and Albertson (2014), DLABSS participants on average wrote 15% more than
20

The replication was partial in that some of the dependent variables in Gadarian and Albertson (2014)
involve capturing the proportion of stories read by respondents, which we did not measure.
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Table 4: Comparing Response Length in DLABSS and MTurk
Mean number of seconds spent answering political knowledge questions
Question
DLABSS
MTurk
Difference
Presidential succession after Vice President
House vote % needed to override a veto
Maximum number of presidential terms
Length of a U.S. Senate term
Number of Senators per state
Length of a U.S. House term

19.54 (.36)
14.41 (.35)
15.14 (4.79)
13.52 (.35)
8.77 (.27)
12.52 (.33)

15.40 (.42)
8.65 (.30)
8.77 (.24)
9.80 (.34)
8.30 (.34)
10.85 (.37)

4.14***
5.76***
6.37
3.72***
0.47
1.67***

Mean number of words written per open-ended question in Gadarian and Albertson (2014)
Question
DLABSS
MTurk
Difference
Treatment
Control
Memory of Stories
Opinion of Stories

22.88
24.22
22.78
32.17

(2.03) 17.90 (0.98) 4.97*
(4.77) 20.01 (1.05) 4.21
(1.31) 25.24 (0.90) -2.47
(1.80) 23.69 (0.73) 8.48***

Standard errors in parentheses. * indicates a t-test with a p-value below .05. ** below .01. *** below .001.

respondents on MTurk.

5.4

Complex Studies on DLABSS

Finally, we highlight the potential advantage of volunteer subjects in that subjects driven
by intrinsic motivation may be especially willing to participate in unconventional surveys
that require more work by subjects than typical studies. We do not formally test whether
this is more true of volunteer subjects than others, however, here we describe two complex
experiments that DLABSS has supported. Our experience makes us believe such tests would
be difficult to execute on some paid samples, such as MTurk.
One experiment required participants to begin a conventional online survey, then eventually asked them to call a phone number and answer questions via an automated phone
message. The attrition rate was abnormally high for this study (above 50%), but the researcher was able to collect hundreds of responses. Another study included two parts in
which respondents completed a series of questions then, after a certain amount of time, were
subsequently emailed to complete more questions. The treatment and control conditions
were differentiated by the amount of time to elapse before receiving an email invitation to
complete the second step. This study could also prove difficult in an online paid lab setting
because recontacting subjects through email is prohibited by terms of service not allowing
21

the collection of personally identifiable information.21

6

Conclusion

Human subjects research in social science has become dramatically less expensive and
more accessible following the emergence of online crowdsourcing tools like MTurk. In this
paper we have introduced the concept of volunteer digital labs as a social science research tool
and argued that these labs can be a high-quality tool. Building on the innovation of online
crowdsourcing, we argue that volunteer labs extend the accessibility and quality frontiers of
online experiments even further and that volunteer labs have enormous potential as vehicles
to lower the costs and improve the quality of social science inquiry for researchers and the
institutions that support them. We have demonstrated this by replicating a series of diverse
studies using a volunteer laboratory and by highlighting potential advantages of volunteer
subjects over non-volunteer subjects.
Of course, even if volunteer labs are cheaper and prove more effective at avoiding sampling
and other biases, we believe that volunteer labs will most likely emerge as complements,
rather than replacements, to other existing survey platforms. In the same way that paid
crowdsourcing, such as MTurk, has not meant the demise of other subject pools, we believe
that volunteer labs will have advantages and disadvantages that will allow them occupy a
particular niche in human subjects data collection.
While we have started our laboratory to aid researchers at a single university, coordination between researchers and across institutions would significantly increase the efficiency of
volunteer labs, in much the same way that economies of scale in survey research, found in
designs like the Cooperative Congressional Election Study (CCES) and Cooperative Campaign Analysis Project (CCAP) have greatly improved the efficiency of survey research. We
urge researchers to undertake such collaborations.

21

See https://requester.mturk.com/help/
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Figure A1: World-wide Distribution of DLABSS Volunteer Subjects

A total of 8,736 points are plotted on this map, each one representing a single DLABSS participant.

Appendix
This appendix includes various supplementary figures and tables referenced in the main
text of the manuscript.
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29
44.3 (1.9)
30.1 (1.7)
22.8 (1.6)
673-705

46.9 (0.6)
29.6 (0.6)
23.5 (0.5)
807-6,280
277-1428

Student samples
(Kam et al. 2007)
56.7% (1.3)
20.3 (8.2)
–
42.5

109

Adult sample
(Kam et al 2007)
75.7% (4.1)
45.5 (.916)
5.48 (1.29)
82.2 (3.7)

46.1
37.6
16.3
141

46.5
27.7
25.8
163

DLABSS and MTurk results from December 2016, all other results from Berinsky, Huber and Lenz (2012). Note that the Education in the Kam
et al 2007 sample is a ordinal indicator, rather than years, and is as reported in Berinsky, Huber and Lenz (2012).

48.0% (1.9)
37.8 (0.5)
14.9 (0.1)
78.3 (1.6)
8.4 (1.0)

55.6% (0.7)
44.1 (0.2)
15.2 (0.0)
74.7 (0.5)
6.4 (0.3)

Female
Age (mean years)
Education (mean years)
White
Black
Party identification
Democrat
Independent/Other
Republican
N

MTurk

DLABSS

Demographics

Adult samples
(Berinsky and Kinder 2006)
Experiment 1: Experiment 2:
Ann Arbor, MI Princeton, NJ
66.0%
57.1 %
42.5
45.3
15.1
14.9
81.4
72.4
12.9
22.7

Convenience samples

Table A1: Comparing Subject Properties across DLABSS and Other Convenience Samples

Table A2: Comparing DLABSS sample policy attitudes

Favor prescription drug
benefit for seniors
Favor universal health
care
Favor citizenship
process for illegals
Favor a constitutional
amendment banning
gay marriage
Favor raising taxes on
people making more
than $200,000
Favor raising taxes on
people making less
than $200,000
N

Internet sample
ANESP

Face-to-face samples
ANES 2012

DLABSS

MTurk

75.7% (1.3)

71.6% (1.7)

74.8% (1.1)

54.5 (1.5)

58.8 (1.9)

41.7 (1.2)

62.9 (1.5)

48.1 (1.9)

42.7 (1.2)

63.7 (1.1)

10.2 (0.9)

21.3 (1.5)

55.4 (1.2)

57.1 (1.1)*

69.9 (1.4)

67.2 (1.8)

55.4 (1.2)

79.3 (0.9)**

7.5 (0.8)

8.9 (0.1)

7.1 (0.6)

1,041-1,044

703-705

1,614-1,618

1,995-2,026

* Gay and lesbian couples should be allowed to form civil unions but not legally marry, or there should be
no legal recognition of a gay or lesbian couple’s relationship
** Increasing income taxes on people making over one million dollars per year.

Table A3: Replication of Rasinski (1989) in DLABSS
Platform
Poor
1 DLABSS
64
2 General Social Surveys (GSS) 64
3 MTurk (Berinsky et al. 2012) 55
Cells represent percent of respondents favoring a policy
difference of means.

Welfare Difference p
n
39
25
<.001 788
23
37
<.001 1470
17
38
<.001 329
with each frame. P values are from a T-test of

Table A4: Replication of Tversky and Kahneman (1981) in DLABSS

1
2
3

Platform
DLABSS
MTurk (Berinsky et al. 2012)
Tversky and Kahneman 1981

Lives Saved
63
74
72

Lives Lost
34
38
22

Difference
29
36
50

p
<.001
<.001
<.001

Cells are percent of respondents choosing non-probabilistic (certain) outcome with each frame.
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n
539
450
307

31
-0.706
(0.155)
752

-0.933
(0.259)
750

1.082
(0.10)
0.628
(0.32)
0.105
(0.10)
0.262
(0.22)
-0.214
(0.20)
0.205
(0.23)
0.038
(0.19)

(H1b)
Adding
controls

0.023
(0.62)
-0.700
(0.227)
752

1.058
(0.29)
0.507
(0.48)

(H2) Frame
x Risk
acceptance

-1.060
(0.170)
699

1.180
(0.10)
0.760
(0.29)

(H1a)

-1.100
(0.290)
699

1.180
(0.10)
0.780
(0.31)
-0.018
(0.11)
0.110
(0.31)
0.025
(0.23)
-0.024
(0.23)
0.006
(0.15)

(H1b)

-0.450
(0.58)
-1.190
(0.230)
699

1.410
(0.31)
0.990
(0.42)

(H2)

Berinsky et al.
MTurk Replication

-1.098
(0.187)
634

1.011
(0.11)
1.024
(0.33)

(H1a)

-1.256
(0.257)
597

1.026
(0.11)
1.029
(0.34)
-0.013
(0.11)
0.443
(0.24)
-0.056
(0.23)
-0.022
(0.21)
0.013
(0.13)

(H1b)

DLABSS
Replication

-0.827
(0.66)
-1.309
(0.255)
634

1.437
(0.36)
1.424
(0.46)

(H2)

Cells are signs and p-values for probit regressions of individual-level acceptance of probabilistic policy outcomes on risk acceptance attitudes
(top row) and other covariates.

N

Intercept

Partisan
ideology
Risk acceptance x
Mortality frame

Income

Education

Age

Female

Mortality frame
in Trial 1
Risk
acceptance

(H1a)
Mortality
frame
and risk
acceptance
1.068
(0.10)
0.521
(0.31)

Kam and Simas (2010)

Table A5: Replication of Kam and Simas (2010) in DLABSS

Figure A2: Replication of Hainmueller and Hiscox (2010): Support for Highly- and Lowskilled Immigration among DLABSS Respondents

Whiskers are the upper bounds of 95% confidence intervals for proportions. Respondents in the “highlyskilled” group were asked “Do you agree or disagree that the US should allow more highly skilled immigrants
from other countries to come and live here? (emphasis added)?” Respondents in the “ low-skilled” group were
asked “Do you agree or disagree that the US should allow more low-skilled immigrants from other countries
to come and live here? (emphasis added)?”
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